











EMPLOYMENT, UNEMPLOYMENT AND LABOR UTILIZATION
Table 13.4 (Continued)

Ewmployer contributes to a health

insurance plan for the Employee is covered
Industry employee (1,0) by a pension plan (1,0)
code RH1 RH2 RP1 RP2
43 -.342 (10.7) -.352 (10.9) -.263 (8.4) -.263 (8.4)
44 -.370 (12.8) -.360 (12.1) -.239 (7.9) -.233 (7.5)
45 -.544 (3.9 —-.543 (3.6) —-.570 (4.6) -.580 (4.2)
46 —-.411 (13.1) -.425 (13.2) -.429 (15.0) - .428 (14.5)

Notes: Absolute value of t statistics in parentheses.
“Sample size too small to compute differentials.

Correlations: (RH1, RH2) = .85 (RP1, RP2) = .90

Source:Authors’ computations obtained from within-industry employer contribution to
health insurance and employee pension plan coverage equations. RH1 and RP1 (RH2 and
RP2) are based on survey week (usual) part-time status. Results are for models without
gender interactions; differentials from models with such interactions were correlated at .97 or
higher level. See text for details.

function models will thus indicate the differential in the probability that
a part-time worker was covered by these plans, ceteris paribus.

The estimates of these coefficients appear in Table 13.4. To conserve
space, only the estimates from models without interaction terms are
presented (estimates from the models that included interaction terms
were very highly correlated with these). In all cases these estimates are
negative and in virtually all cases statistically significantly so. Part-time
employees do have lower probabilities, ceteris paribus, of being covered
by a health insurance plan that an employer contributes to or by a
pension plan. The mean part- time/full-time differentials across indus-
tries in these two probabilities are —.31 and — .25, respectively. As Table
13.4 indicates, however, the probabilities vary widely across industries.

Finally, for approximately one-quarter of the sample, the March 1984
CPS contained information on whether the individual was a union
member.'! For the subsample of individuals for which this information
was present, one can estimate equations similar to equation (13.1), using
a dichotomous (1, 0) variable for union membership as the dependent
variable. The estlmated coefficient of P in each industry from these
regressions will be an estimate of the differential in the probability of

’\/nhs Absolute value of  statistics in parentheses.
“Sample size too small to compute meaningful differentials.
"Magnitude of coefficient too large to be believable and probably due to thL very small
number (4) of part-time workers in the sample.

Source: - Authors’ computations obtained from within-industry probability of union

membership equations. RU1 (RU2) based on survey week (usual) part-time status. See the
text for details.
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Table 13.5
Estimated Union Membership Proportion and Part-time/Full-time Probability of
Membership Differentials: by Industry

Number of
Industry  observations with Proportion|number Estimated differentials
code membership data unionfunion RU1 RU2
1 176 .03/5 —-.026 (0.8) —.026 (0.8)
2 172 .20/34 -.254 (1.3) ~-.118 (0.3)
3 672 26/175 -145(29) -.215(3.2)
4 113 .29/33 -.221(0.9) -.122 (0.4)
5 64 .13/9 -.128 (0.7) a
6 85 2925 ~-.340(1.5)  -.340 (1.5)
7 132 45[59 6652.1¢  —.051(0.0)
8 164 .26/43 -0.66 (0.4)  —.092(0.5)
9 — _ a 4
10 400 .20/80 -.089(0.6) —.228(1.4)
11 309 .20/62 . 043 (0.3) —.047 (0.3)
12 161 .57/92 .233 (0.7) .066 (0.1)
13 83 25/21 - 834 (25) -.718(1.8)
14 108 .20/22 —.091 (0.4) —-.091 (0.4)
15 84 087 -122(04)  -.122(0.4)
16 19 265 ! u
17 56 .23/13 ~135(1.3) -.361(1.5)
18 253 .36/91 .038 (0.4) -.110 (1.0)
19 8 .63/5 ” ¢
20 94 17/16 -.199 (1.4) -.267 (1.3)
21 171 25/43 059 (0.6)  —.105(0.7)
22 95 54/51 -.379 (1.3) —.681 (2.0)
23 255 12/31 -.070 (1.0) —-.066 (2.0)
24 168 17/29 —.248 (1.1) —.206 (0.8)
25 28 36/10 . a
26 97 18/17 .192 (1.4) 136 (0.8)
27 33 21/7 a a
28 565 .44/249 -.187 (3.0) -.234 (3.5)
29 239 .43/103 -.155 (0.9) -.157 (0.9)
30 208 .32/67 -.116 (0.6) -.261(1.3)
31 520 .08/42 -.032 (0.7) -.023 (0.5)
32 2310 .07/162 .007 (0.5) .004 (0.3)
33 463 .02/9 —.023(1.0)  -.023(1.0)
34 420 .05/21 -.048 (1.4)  -.047 (1.4)
35 191 .01/2 -.015 (1.1) -.015 (1.1)
36 414 .04/16 -.029 (1.2) -.029 (0.8)
37 152 .06/9 —.060 (0.9) —.076 (1.0
38 346 .10/35 -.118 (3.1) -.135 (3.5)
39 153 14121 -.035 (0.5) -.109 (0.2)
40 688 - .15/103 —-.067 (1.8) —-.056 (1.4)
41 439 .08/35 -.017 (0.6) -.024 (0.8)
42 1369 .32/438 224 (7.1) -.224(7.0)
43 229 .09/21 125 (3.0)  -.125 (3.0)
44 439 .05/22 —.007 (0.3) -.002 (0.1)
45 30 .00/0 d !
46 780 .26/203 -.105 (1.6) -.112(1.8)
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EMPLOYMENT, UNEMPLOYMENT AND LABOR UTILIZATION

union membership for part-time and full-time workers in the industry,
ceteris paribus.

These estimated coefficients for each industry, as well as the size of the
subsample available to conduct the analyses, and the proportion of
employees who are union members in the subsample are found in
Table 13.5. While over 80 per cent of the estimated differentials are
negative, only 8 are statistically significant, perhaps because of the
relatively small sample sizes.

Table 13.6 summarizes the patterns of signs and statistical significance
of the part-time/full-time employee wage, fringe benefit and unioniza-
tion differentials that we have obtained in this section. The fringe benefit
and, arguably, wage differentials appear tc be sufficiently precisely
estimated to use as inputs in the inter-industry analyses that will be
presented in the next section. The union membership differentials
clearly are not, however, and we omit them from the subsequent
analyses.

In concluding this section, it is nevertheless interesting to ask whether
government policy in the United States has made it increasingly difficult
for part-time workers to join unions in recent years? If so, this might
encourage employers to increase their usage of part-time employees.

Union elections in the private sector in the United States are governed
by the National Labor Relations Board (NLRB) and it is to the NLRB that
disputes over whether part-time employees should be included in

Table 13.6
Patterns of Estimated Differentials
Number of Number negative
differentials Number that and statistically
Equation estimated are negative significant
Wage
RW1 44 40 25
RW2 44 40 27
RW3 44 40 23
RwW4 44 40 24
Health insurance
RH1 44 43 41
RH2 44 43 41
Pension
RP1 44 42 35
RP2 44 42 38
Union membership
RU1 41 33 8
RU2 42 36 8
Source: Authors” computations from coefficient estimates in Tables 13.3, 13.4 and 13.5.
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proposed bargaining units and thus eligible to vote in union elections
are brought. The stated policy of the NLRB has remained roughly
constant over time; it has always attempted to determine bargaining
units on the basis of a ‘community of interest’.'? That is, employees who
share similar interests in wages, hours and other conditions of employ-
ment are placed in the same bargaining unit.

Part-time employees are generally included in a bargaining unit with
full-time employees whenever the part-time employees perform work
within the unit on a regular basis, for a sufficient period of time, during
an appropriate calendar period. In determining in a specific case
whether part-time employees share a sufficient community of interest to
be placed in the same bargaining unit as full-time employees, the NLRB
considers a number of factors including: the similarity (with full-time
employees) and regularity of part-time employees’ hours of work, the
similarity (with full-time employees) of part-time employees’ wage and
benefit packages, common supervision for both types of employees, the
similarity of their qualifications, training skills and job functions, the
frequency of their contact and interchange while performing their job
duties, the history of collective bargaining in the firm and the extent of
union organization, the desires of both part-time and full-time employ-
ees, and the organizational structure of the firm.

Of course, to say that the stated policy of the NLRB has remained
roughly constant over time is not to say that the actual policy has
remained constant. To investigate if the latter has changed, we searched
through NLRB decisions during the 1976-1984 period, finding 52 that
dealt with part-time workers. About 60 per cent of these decisions
resulted in part-time workers being included in a larger bargaining unit
or allowed to set up their own unit for a bargaining election.

Given the small number of decisions each year (four to five), not
surprisingly the proportion of times part-time workers were included in
other units or allowed to set up their own unit fluctuated from year to
year. None the less, to see if there were any trends in board decisions
during the period, we estimated linear probability function models in
which a dichotomous ((1, 0) part-time worker included or allowed to set
up own unit) variable was regressed on a time-trend term. No significant
trend showed up in the data even when higher order trend terms (i.e. a
quadratic term) were included to allow for non-linearities. We thus
found no evidence that changes in NLRB policy in recent years have
encouraged the growth of part-time employees relative to full-time
employees. That is, it does not appear that the NLRB is increasingly
making it more difficult for part-time workers in the United States to join
unions.

13.4 Inter-industry Variations in Part-time Employment
in the United States

Given that estimates of the part-time employee/full-time employee
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wage (RW), at least partially employer-financed health insurance cover-
age probability (RH), and private pension coverage probability (RP)
differentials vary widely across industries, our goal in this section is to
see if the variations in these differentials help to explain the pattern of
inter-industry variations in part-time employment in the United States.
To do this, we embed them in a simple model of the demand and supply
of part-time employment.

On the demand side, the ratio of part-time to full-time employees
(Ep/EF) is postulated to be a function of the relative costs of the two
groups, as measured by the above differentials, and the production
technology in use in an industry. Since the latter is not directly
observable, it is proxied by a vector of variables (Y) that indicate the
share of an industry’s workforce in each of seven major occupational
groups. A negative value for each of the differentials indicates a cost
advantage for part-time workers; the larger (in absolute value) the
differential is, the greater the cost saving from part-time workers. Thus,
we expect the coefficients of RW, RH, and RP all to be negative.

(Ep/EF) = D(RW, RH, RP, Y). (13.2)

On the supply side, the larger in absolute value these differentials are
the less attractive is the relative reward to being a part-time worker and
thus the smaller the fraction of workers who will want to work part time.
The relative supply of part-time workers will also depend upon the
characteristics of workers ‘attached’ to the industry (13.2). For example,
ceteris paribus, married women with children, students and older work-
ers phasing into retirement may all find part-time employment attract-
ive. Similarly, unions may try to discourage their members from
working part time if they perceive that widespread use of part-timers
may discourage new workers from joining unions. Thus, we have on the
supply side

(Ep/Ef) = S(RW, RH, RP, Z). (13.3)

Linear versions of the system in (13.2) and (13.3) were estimated using
the estimates of RW, RH and RP obtained in the last section, and mean
values (by industry) of the other variables obtained from the May 1984
CPS. The analyses reported below use 43 observations, dropping only
the two industries whose sample sizes were too small to estimate the
part-time/full-time wage differentials (see Table 13.3) and also the pri-
vate household services industry (industry 35). Restricting the sample
further to only those industries for which we estimated negative values
of RW, or still further to those for which these estimates were negative
and statistically significant, did not lead to more precise estimates of the
model.

Table 13.7 contains estimates of the model when survey week part-
time status is used to classify workers, and RW1, RH1 and RP1 are used
as explanatory variables. The complete list of other demand (Y) and

270



PART-TIME EMPLOYMENT

supply (Z) side variables included in the model is found in this table,
along with their definitions. All results presented in the table are for
unweighted regressions; weighting by the square root of the number of
individuals in each underlying industry sample (Table 13.2) did not
appreciably change the sign pattern or significance of the coefficients.

Column 1 presents OLS estimates of the structural demand curve.
While the relative wage differential variable performs as expected, with
larger part-time employee wage rate savings leading to increased use of
part-time employees, the coverage by pension plan differential perver-
sely appears to have a positive coefficient, implying that the less likely
it is that part-time employees are covered by a pension, the fewer
part-time employees will be employed. The pattern of occupational
share coefficients suggests that industries that employ a relatively large
number of blue-collar skilled workers (the omitted reference group in
the equation) also tend to employ relatively few part-time employees.

Might the above pattern of results be affected by simultaneous
equations bias? To answer this question, the demand (and supply)
model is re-estimated by 2SLS. Columns 3, 4 and 5 in Table 13.7
present, respectively, the instrumental variable estimates we obtained
for the wage, health insurance coverage probability and pension cover-
age probability differentials. The explanatory power of the wage
differential equation is very low; indeed no individual coefficient is
statistically significant. The health insurance and pension coverage
probability differential equations are somewhat better. It is interesting to
note that females and veterans are both less likely to be covered by
either type of plan; females possibly because of coverage under other
family members’ plans and veterans possibly because of their access to
medical care and retirement benefits through veterans’ administration
programs. Union membership, however, increases the probability of
pension coverage, as does the average number of children in each
family.

Theystructural demand and supply equations appear in columns 5 and
6 of Table 13.7. The 2SLS demand estimates in 5 are very similar to the
OLS estimates, save that they are slightly less significant. The only cost
differential that is significant in the supply curve is the wage differential;
as expected, greater (more negative) part-time/full-time wage differen-
tials lead to relatively fewer employees wanting to work part-time. The
coefficients of the personal characteristics variables confirm that an
increased number of children per worker and an increased percentage of
workers who are students both increase the likelihood that employees
will want to work part-time. Increases in the percentage of workers who
are union members, however, have only an insignificant negative effect
on part-time employment.

To assure the reader that the effects of the part-time/full-time wage,
health insurance coverage probability and pension coverage probability
differentials that we obtained are not unique to our usage of RW1, RH1
and RP1, Table 13.8 presents the coefficients of the differentials in the
relative demand equations that we obtained when we used the other
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Table 13.7

Inter-industry Cross-Section Regressions

(1) (2) (3) 4) ) (6)

Variable OLS Instruments 25LS

PTNOW RW1 RH1 RP1 PTNOW PTNOW
RW1 -12.022 (2.0)
RH1 -7.137 (0.6)
RP1 29.566 (3.1)
RW1 -15.825 (1.3) 36.469 (2.5)
RH1 -5.532 (0.3) -28.817 (1.4)
RP1 32.450 (2.8) 10.951 (0.8)
PROF .279 (2.7) .008 (0.8) .000 (0.0) —-.004 (0.7) .318 (2.6)
SALES .298 (2.7) .002 (0.3) .002 (0.4) .003 (0.7) .283 (2.4)
ADS -.154 (1.3) 005 (1.1) -.002 (0.6) .003 (1.2) —.140 (1.0)
SERV .545 (6.4) 002 (0.5) .001 (0.2) .003 (0.9) .543 (6.1)
AGF .204 (2.9) 001 (0.1) -.003 (2.1) —-.005 (2.7) 211 (2.9)
BCU .433 (1.3) 000 (0.0) -.013 (1.9) —-.018 (2.6) .553 (1.5)
FEM 041 (0.1) —.668 (1.6) -1.513 (3.8) 2.723 (0.2)
CHILD 112 (0.3) .232 (0.9) 572 (2.3) 22.445 (2.7)
AGE 031 (0.6) .018 (0.6) .031 (1.0) 2.560 (2.2)
MNOW 016 (1.7) .000 (0.1) —.008 (1.5) -.969 (3.1)
RACE 007 (0.5) —-.008 (1.1) —.008 (1.0) —-0.83 (0.3)
VET 010 (0.7) -.014 (1.7) -.036 (4.3) ~.011 (0.0)
HISP 003 (0.3) .004 (0.7) —.009 (1.6) .074 (0.2)
EDUC .118 (0.8) -.055 (0.6) -.014 (0.2) -.047 (0.0)
STUD .005 (0.2) —.005 (0.4) —-.021 (1.6) 1.399 (3.0)
A55 .013 (0.5) —.001 (0.0) .002 (0.1) —.658 (1.3)
UN .002 (0.5) .000 (0.0) .004 (2.0) —.145 (1.5)
R? 728 154 415 .598 — —




where:

PTNOW = percent of industry employees employed part-time last week
RW1 = estimated part-time/full-time wage differential (Table 13.3)

RH1 = estimated part-time/full-time employer contributes to a health insurance plan differential (Table 13.4)
RP1 = estimated part-time/full-time employee is covered by an employers pension plan differential (Table 13.4)

RW1 = instrumental variable estimate for RW1
RH1 = instrumental variable estimate for RH1
RP1 = instrumental variable estimate for RP1

PROF = percentage of workers in the industry who are professionals

SALES = sales
ADS = administrative support
SERV = service
AGF = agriculture or farm
BCU = blue-collar unskitled
FEM = fraction of workers who are female
CHILD = average number of children per worker
AGE = mean age
MNOW = percentage of workers married now
RACE = percentage of workers who are White
VET = percentage of workers who are veterans
HISP = percentage of workers with Spanish surnames
EDUC = mean years of education
STUD = percentage of workers who are students
A55 = percentage of workers age 55 and older
UN = percentage of workers who are union members

Note: Absolute value of t statistics in parentheses.
n =43 for all equations.

omitted group
is blue-collar
skilled
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Table 13.8
Relative Price Coefficients from the Part-time
Worker Employment Share Equations: Various Specifications

Part-time last week Part-time usual
OLS 2SLS OLS 2SLS
RW1 -12.022 (2.0) -15.825 (1.3) RW2 -7.785 (1.8) —-5.964 (0.8)
RH1 -7.137 (0.6) -5.532 (0.3) RH2 —-3.260 (0.4) -5.908 (0.4)
RP1 29.565 (3.1) 32.450 (2.8) RP2 22.910 (3.5) 33.653 (3.3)
RW3 -14.273 (2.2) -18.807 (1.4) RW4 -7.192 (1.5) —-3.409 (0.4)
RH3 -12.252 (1.1) —-24981(1.2) RH4 —~1.546 (0.2) -4.871 (0.3)

RP3 34.846 (3.5) 43.894 (3.2) RP4 21.577 (3.2) 33.451 (2.8)

Note: Absolute value of t statistics in parentheses.
Source: Regressions in Table 13.7 and analogous ones for other variable specifications.

estimates of the differentials (i.e. RW2, RW3, RW4, ...). As can be seen
there, the pattern of coefficients is very similar across all four specifi-
cations, although the specifications based on part-time employment in
the survey week ‘perform’ better than those based on usual part-time
employment.

13.5 Concluding Remarks

Our analyses of the aggregate time-series data for the United States
suggest that there has been a tendency towards increased employment
of part-time workers in the United States in recent years, a trend that is
observed after one controls for cyclical factors. Moreover, this trend has
come from an increase in ‘involuntary’ part-time employment, not from
an increase in voluntary part-time employment. Searches for explana-
tions for the recent growth of part-time employment in the US should
therefore focus on the demand side of the labor market.

Such a search led us to ask if a growing cost differential between
part-time and full-time employees might provide part of the explana-
tion. We addressed this issue by focusing on inter-industry variations in
the part-time employment/full-time employment ratio and seeing if
variations in the relative cost differential across industries could help
explain this part-time/full-time employment variation. In fact, relative
wage costs did appear to influence relative employment levels, as
predicted, on the demand side of the market.

In contrast, the larger the differential between the probability of
pension coverage for full-time and part-time workers in an industry, the
smaller the relative demand for part-time employees tended to be. At
first glance this result seems inconsistent with our model. However,
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upon reflection, it may make sense. It is well known that pension
coverage tends to reduce turnover and increase employees’ expected
tenure with firms (see, for example, Mitchell, 1983). The additional costs
of pension coverage for part-time employees may be offset by savings in
turnover and training costs if in fact this coverage induces them to have
longer job tenure, making part-time employees more, rather than less,
attractive to employers. To begin to test if this is occurring, one would
want to see if the expected job tenure of part-time workers, by industry,
is correlated, ceteris paribus, with the probabilities of pension coverage
that we have estimated. Sadly, however, job tenure data are not
available in the March 1984 CPS.

Finally, it is worth noting that the relative cost of part-time workers
influences the relative supply of them (vis-a-vis full-time workers) as
well as the relative demand. Indeed, our estimates, at least for the
relative wage cost variable, suggest that supply responses exceed
demand responses. Of course, given that some part-time workers are
‘involuntarily” part-time, it is not obvious that the structural demand
and supply model we have estimated is an entirely appropriate one.

Notes

1 For example, evidence that part-time workers earn less than full-time
workers, either in raw data or, more appropriately, after controlling for
personal characteristics, is found in Ballard (1984) for the United Kingdom,
Labor Canada (1983) for Canada, and Owen (1979) and Parsons (1974) for
the United States. Similarly, evidence on part-time workers’ poorer access to
fringe benefits, such as health insurance, vacations, sick leave and private
retirement plans, are found in Ballard (1984) for the United Kingdom, Labor
Canada (1983) for Canada, Nakakubo (1985) for Japan, and Ichniowski and
Preston (1986) for the United States. Finally, Disney and Szyszczak (1984)
discuss how coverage of part-time workers under various social insurance
programs and protective labor legislation has varied over time.

2 Disney and Szyszczak (1984) show that employment of part-time workers in
Great Britain expanded most rapidly in periods when they were covered by
fewer employer-financed social insurance programs and less protective
labor legislation.

3 See Owen (1979) for an earlier effort in this direction. While Owen had
estimates of relative wage cost differences, he had no data on fringe benefits.

4 A similar approach was used by Ehrenberg and Schumann (1982) in
investigating the growth of overtime hours in the United States.

5 Evidence on the part-time employment-union membership relationship is
very weak. For example, in the United Kingdom, Bain and Elsheikh (1979)
and Richardson and Catlin (1979) found no strong relationship between
part-time employment ratios and unionization percentages across indus-
tries. Similarly, Dickens (1983) found in a sample of roughly 1,000 workers
who voted in 31 union elections in the United States in the early 1970s that,
ceteris paribus, part-time workers’ were some 6—7 per cent less likely to vote
for a union, although this relationship was not statistically significant.
Somewhat surprisingly, virtually all studies seeking to explain the well-
publicized decline in unionization in the United States have failed to
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consider if the growth of part-time employment has played any role. (See,
for example, Dickens and Leonard, 1985, and their bibliography.)

The latter undoubtedly owing to cutbacks in financial aid for college
students that increasingly forced college students in the US to work to help
finance their education. For evidence on the increasing hours of work of
college students, see Ehrenberg and Sherman (1987).

A quick look at Table 13A.1, however, will caution the reader that
whether or not one observes an apparent trend may depend heavily
on the starting date one chooses. More on this point below.

Similar results are reported in Ichniowski and Preston (1986) who
use monthly data over the 1973-83 period. Both their results and
ours fail to control for minimum wage changes. Matilla (1981)
provides some evidence that increases in the minimum wage are
associated with increases in the part-time/full-time employment
ratio of teenagers, while Ehrenberg and Marcus (1982) find the
opposite, at least for teens from low-income families.

The percentage is actually as high as 71 per cent for private
household service workers. However, because the ‘employers’ in
this industry are typically private individuals (not firms) and most
employees work for a number of different people in any one week,
we will ignore data from this industry in most of what follows.

To be a bit more precise, given two otherwise identical individuals
except for their part-time status, a, =log(Wp/Wr), where the subscripts
P and F refer to part-time and full-time workers respectively. Consequently,
the proportional a4 wage differential of part-time workers is
(Wp — Wg)/Wr =€~ 1. For small a values of a, - 2, = e — 1.

The CPS consists of eight ‘rotation groups” and only two of the groups were
asked about union membership.

The material in this paragraph and the next two are drawn from Morris
(1983) and Nash and Blake (1979).
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Table 13A.1
Percentage of Part-time Employees in the United States Economy, 1963-84
All individuals Males Females

Year 16+ 16-19 20+ 20+
1963 10.7 37.8 3.6 19.5
1964 11.0 40.5 3.7 19.5
1965 11.2 40.7 3.5 19.3
1966 11.7 41.2 3.6 19.6
1967 12.4 441 4.0 20.3
1968 12.8 449 4.1 ) 20.8
1969 13.3 46.1 4.4 20.9
1970 13.7 47.0 4.7 21.5
1971 13.9 47 .8 4.7 21.6
1972 14.0 46.2 4.8 21.6
1973 14.0 443 4.8 21.6
1974 14.0 441 4.8 21.5
1975 14.3 46.4 5.0 21.4
1976 14.3 46.5 49 214
1977 14.3 45.6 5.0 21.2
1978 14.3 45.6 5.0 20.9
1979 14.2 46.1 49 20.7
1980 14.4 47.7 5.1 20.5
1981 14.2 48.4 5.0 20.5
1982 14.3 50.1 52 20.4
1983 14.0 49.6 5.3 20.0
1984 13.7 50.2 5.1 19.5

Source: Authors’ calculations from data in US Bureau of Labor Statistics (BLS), Labor

Force Statistics Derived from the Current Population Survey: A Databook, Bulletin 2096
(Washington, DC, September 1982), Table A1l (for 1963-81), and Employment and
Earnings, various issues (for 1982-84).
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Table 13A.2
Percentage of Part-time Employees in Non-agricultural
Industries, 1955-84, by Reason for Part-time Status

Part-time for Part-time for
Year eCONoNIC reasons HOH-eCONOMIIC TeaASONSs
1955 3.4 7.1
1956 3.6 79
1957 3.9 8.2
1958 5.4 8.3
1959 4.2 8.7
1960 4.5 9.0
1961 4.9 9.3
1962 4.0 9.7
1963 3.8 10.1
1964 3.5 10.5
1965 3.0 10.6
1966 2.5 11.4
1967 29 12.0
1968 2.5 12.4
1969 2.6 12.9
1970 3.1 13.3
1971 3.4 13.4
1972 3.3 135
1973 3.0 13.5
1974 3.5 13.6
1975 4.6 13.8
1976 4.2 13.8
1977 4.0 13.9
1978 3.8 13.9
1979 3.8 13.8
1980 4.5 13.9
1981 4.9 13.7
1982 6.5 13.8
1983 6.5 13.4
1984 5.7 13.1

Source: Authors’ calculations from data in BLS Bulletin 2096, Table A18 (1955-81),
Employment and Earnings, various issues, thereafter.
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Table 13A.3

Percentage of Part-time Employees in Non-agricultural Industries, 1968-84,
by Age, Sex, Race and Reason for Part-time Status

Males Females All All All
Year 20+ 20+ 16-19 Whites non-Whites
Part-tinte for econontic reasons
1968 1.7 3.3 5.9 21 5.6
1969 1.7 3.2 6.1 2.3 5.2
1970 2.2 3.7 6.9 2.8 6.1
1971 2.4 4.2 8.0 3.1 6.2
1972 21 3.9 8.5 3.0 5.7
1973 2.0 3.7 7.4 2.8 5.1
1974 2.4 4.2 7.9 3.2 5.9
1975 3.4 5.2 10.0 4.2 7.3
1976 29 4.7 10.0 3.8 6.8
1977 2.7 4.7 9.6 3.8 6.3
1978 2.4 4.5 9.0 35 6.1
1979 25 4.6 8.4 3.5 5.7
1980 33 51 9.8 4.2 6.5
1981 35 5.6 11.0 4.6 7.2
1982 5.0 7.2 14.2 6.1 9.2
1983 4.8 7.4 15.4 6.1 10.3
1984 4.1 6.6 13.2 5.3 9.5
Part-time for non-economic reasons
1968 3.6 20.2 45.1 12,5 11.5
1969 3.8 20.3 46.3 13.0 12.0
1970 4.1 20.8 47.3 13.4 11.9
1971 4.1 20.8 47.9 13.6 11.5
1972 4.3 20.8 46.2 13.7 11.8
1973 4.3 20.9 442 13.8 11.4
1974 4.3 20.8 44.1 13.8 11.5
1975 4.4 20.7 46.7 14.1 11.9
1976 44 20.6 46.5 14.2 10.8
1977 4.6 20.4 45.7 14.3 11.1
1978 4.5 20.1 45.6 14.3 11.1
1979 45 19.9 45.9 14.2 10.8
1980 47 19.7 47.6 14.3 10.9
1981 4.6 19.6 48.4 14.2 10.1
1982 4.7 19.6 50.0 14.3 9.7
1983 4.8 19.0 49.8 14.0 8.9
1984 4.7 18.6 50.3 13.7 9.1

Source: Authors’ calculations from data in BLS
Employment and Earnings, various issues, thereafter.
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Table 13A.4
Average Weekly Hours of Part-time Employees in
Non-agricultural Industries 1968-84 by Age, Race, and Sex

Males Females All All All
Year All 20+ 20+ 16-19 Whites non-Whites
1968 18.6 18.4 19.3 15.6 18.4 19.2
1969 18.2 19.3 19.3 15.8 18.7 19.1
1970 18.3 20.1 19.2 15.9 18.2 19.6
1971 18.6 19.8 19.6 16.0 18.1 19.4
1972 18.6 19.6 19.1 16.5 18.8 19.3
1973 18.4 19.0 19.6 17.0 19.2 19.0
1974 18.8 20.2 19.8 16.9 18.9 19.0
1975 19.3 21.0 19.8 16.8 19.0 19.5
1976 19.2 20.8 19.6 17.1 19.0 19.8
1977 18.8 19.6 19.9 17.4 19.2 18.9
1978 19.1 20.0 19.7 17.4 19.4 19.3
1979 19.3 19.8 20.2 17.6 19.8 19.7
1980 19.7 20.2 20.1 17.6 19.6 20.1
1981 20.0 20.1 204 17.3 19.9 20.2
1982 19.6 21.0 20.4 17.0 19.9 20.1
1983 19.9 21.2 20.2 17.1 19.6 20.3
1984 20.2 20.6 20.5 17.6 19.5 20.6

Source: Authors’ calculations from data in BLS Bulletin 2096, Table B22 (1968-81),
Employment and Earnings, various issues, thereafter.
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Table 13A.5
Shares of Various Groups in Total and
Part-time Employment, — 1968 and 1984

Males Females All
Category Year 20+ 20+ 16-19

Total employment 1968 58.5 33.8 7.6
1984 52.8 41.0 6.1

Part-time employment 1968 20.7 53.1 26.2
1984 245 54.8 20.6

Part-time employment 1968 38.3 43.8 17.9
(economic reasons) 1984 38.3 47.6 141
Part-time employment 1968 17.1 55.0 279
(non-economic reasons) 1984 18.6 57.8 235

Source: Authors’ calculations from data in BLS Bulletin 2096, Table B22 (1968) and
Employment and Earnings.
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