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Abstract

Using the National Longitudinal Survey of Youth 1979, the author explores how nonemploy-
ment spells and career expectations affected men’s and women’s wages. Wage profiles were af-
fected by total nonemployment time, by recent work interruptions, and by some past interruptions.
Statistically significant interruptions were more numerous for women than men, but the wage loss
associated with any given interruption was less severe for women. Future career interruptions,
which workers presumably anticipate in many cases, affected current investment in human capital
to some degree for both sexes. The wage effects of the timing of experience (defined by the frac-
tion of weeks worked, by specific years) correspond closely to the wage effects of interruptions
(calendar years without work): when the analysis accounts for the former, little additional penalty
is found to have been associated with the latter. A very small fraction of the gender wage gap was
attributable solely to timing of experience.
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Using the National Longitudinal Survey of Youth 1979, the author explores
hownonemploymentspellsand career expectations affected men’sand women’s
wages. Wage profiles were affected by total nonemployment time, by recent
work interruptions, and by some past interruptions. Statistically significant
interruptions were more numerous for women than men, but the wage loss
associated with any given interruption was less severe for women. Future career
interruptions, which workers presumably anticipate in many cases, affected
current investment in human capital to some degree for both sexes. The wage
effects of the timing of experience (defined by the fraction of weeks worked, by
specific years) correspond closely to the wage effects of interruptions (calendar
years without work): when the analysis accounts for the former, little additional
penalty is found to have been associated with the latter. A very small fraction of

the gender wage gap was attributable solely to timing of experience.

he possible earnings effects of career

interruptions have long been a con-
cern to labor economists when estimating
traditional Mincerian wage equations. Early
investigations of such effects focused on
women, who are more likely than men to
spend time out of the work force. More
recent work has also investigated career
discontinuity among men, partly in order
to determine whether there are gender
differences in how time out of the labor
force affects wages. This paper focuses on
how career interruptions and career expec-
tations affect the wages of women and men.

*Christy Spivey is a Ph.D. candidate at the Univer-
sity of Texas at Austin. She acknowledges an intellec-
tual debt to Audrey Light and Manuelita Ureta, whose
paper “Early Career Work Experience and Gender
Wage Differentials” was one inspiration for this study.
She also thanks Stephen Trejo for helpful comments
and Steve McClaskie for answering questions about
the data.

Many of the previous studies, as well as
casual observation, suggest that individuals
who interrupt their employment can gen-
erally expect a reduction in their earning
power upon their return to work, whether
or not they return to the same occupation.
Speculation suggests several factors that
could contribute to the loss of earning
power: skeptical employers, lost contacts,
decreased confidence, and eroded skills.
In addition, theory suggests that individu-
als who expect to interrupt their career in
the future will accept a higher wage early in
the career in trade for slower subsequent
wage growth as a result of reduced human
capital investment. Thus, taking expecta-
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tions into account allows for a clearer pic-
ture of a person’s lifetime wage profile.

This paper fits in well with and extends
the more recent research on career inter-
ruptions. It uses similar, non-traditional
wage equations to answer several questions.
Do workers who interrupt their career pay
a penalty? Is the penalty different for men
and women? Does the timing of the inter-
ruption matter, and are these effects differ-
ent for men and women? Is there a re-
bound effect when workers return to the
labor force, and how do such effects com-
pare for men and women? However, this
studyuses more complete dataover alonger
time span than have previous studies. It
also extends recent research by attempting
to answer two questions about career ex-
pectations. First, does the expectation of
an interruption affect current and future
wages? Second, does that effect (if it exists)
differ between the sexes?

The answers to these questions could
help labor economistsin atleast two impor-
tant ways. First, they obviously could have
a bearing on how best to specify a wage
equation. Second, they are also essential if
researchers want to know what factors con-
tribute to the gender earnings gap, as well
as earnings gaps between other groups.
The fact that women are more likely than
men to have career interruptions, with re-
percussions for their human capital accu-
mulation, mustbe taken into accountalong
with the many other factors that could af-
fectthe gender earnings gap—among them,
women’s job choice and career expecta-
tions, the effect on productivity of unpaid
work associated with motherhood and
housework, unobservable differences be-
tween mothers and non-mothers in such
factorsas “career motivation,” and of course
discrimination in the labor market—be-
fore that gap can be satisfactorily under-
stood and before policy decisions regard-
ing it are made. In this paper, a non-
traditional wage equation is used in an
effort to determine how much of the gen-
der wage gap is due to the timing of work
experience. This study also departs from
previous work on career interruptions by
trying to answer how career expectations

affect current wages in a true panel data
setting and by addressing the implications
of career expectations for the gender gap.

Literature Review

Mostresearchers acknowledge thatwages
rise more quickly with time spent in paid
employment than with time spent in other
non-educational activities. Hence, the
wages of a worker upon reentry into the
labor force are expected to be below those
of similar workers who have remained
continuously employed. In addition, it
may be the case that the reentry wage is
below the pre-interruption wage for the
given worker, depending on the length
of the interruption and assuming the
worker did not interrupt his or her ca-
reer for educational purposes. Once
workers return to work, wages are ex-
pected torebound. Human capital theory
explains this rebound as resulting from
the restoration of skills. Others argue
that another factor contributing to the
rebound is the time it takes for firms to
learn about a worker’s productivity.

All of the papers in this literature draw
from the theoretical model presented by
Mincer and Polachek (1974), which is an
extension of the basic formulation of the
human capital earnings function to account
for discontinuities in the labor market ex-
perience of individuals. A wide variety of
studies since the early 1970s have investi-
gated the existence of a wage depreciation
effectforworkerswith career interruptions.
In general, most studies have focused on
women and have indeed found a statisti-
cally significant depreciation effect, one
that ranges from around 0.6% to over 5%
annually. Past studies fit into two general
categories: those estimating cross-sectional
equations using wages at one pointin time,
and those that have been able to use wages
from at least two points in time.

Cross-Sectional Studies

Much of the early empirical work explor-
ing the effects of career interruptions on
wages was limited to cross-sectional analysis
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using retrospective data on labor force ex-
perience. Some studies simply regressed
the logarithm of wages at one pointin time
on total work experience, total time spent
out of the labor force, and a vector of
individual characteristics. Rekko et al.
(1993), for example, found thatayear spent
not working reduced the wage rate by ap-
proximately 1.4%. Other studies were more
ambitious and segmented time spent work-
ing and not working in a chronological
manner. The earliest study of this type, by
Mincer and Polachek (1974), examined
married women aged 30-44 who were sur-
veyed as part of the 1966 National Longitu-
dinal Survey (NLS) of Mature Women.
Using avector of work experience segments
and a vector of home-time segments as
explanatory variables, they found that a
career interruption was associated with not
only a penalty of foregone experience or
tenure, but also a statistically significant
negative annual return of approximately
1.5%.

Mincer and Ofek (1982) estimated a simi-
lar segmented empirical specification us-
ing the same data set, focusing on short-run
depreciation, the loss associated with the
most recent interruption, and long-run
depreciation, the loss associated with the
sum of previous interruptions. They found
that the long-run depreciation effectranged
from 0.6% to 1.1%, while the short-run
effect ranged from 3.3% to 7.6%. They
concluded that the cost of work interrup-
tion is substantially higher in the short
run than in the long run. Corcoran
(1977) conducted a study similar to that
of Mincer and Ofek using a cross-section
from the Panel Study of Income Dynam-
ics (PSID). Her results differed some-
what from those of previous studies: la-
bor force withdrawals, she found, had
either statistically insignificant or very
small significant negative effects on
wages. Overall, labor force withdrawals
were associated with statistically signifi-
cant depreciation only when the inter-
ruption occurred soon after the comple-
tion of school and the start of one’s first
job; withdrawals that occurred well into
one’s career had little impact.

Panel Data Studies

Mincer and Ofek extended their cross-
sectional model by using the wage at the
time of the most recent interruption and
the wage at the time of reentry into the
work force to estimate wage change equa-
tions. They estimated that real wages at
reentry were from 5.9% to 8.9% lower per
year than at the point of labor market with-
drawal. They also found that a rapid resto-
ration of wages occurred throughout the
first five years after reentry and that only a
relatively small part of this growth was ten-
ure-related. In asense, then, their findings
implied that it costs less to restore human
capital than to accumulate it.

Corcoran, Duncan, and Ponza (1983)
estimated wage change equations similar
to those of Mincer and Ofek for the years
1967-79, using a national sample of white
women from the PSID. However, they esti-
mated wage change equations over the
whole time span, which is 13 years, rather
than using only wages just prior to the last
labor force withdrawal and immediately
following, as Mincer and Ofek did. This
enabled the estimation to take advantage
of more of the information that was avail-
able in the panel data set. They also found
that wages dropped significantly following
a career interruption (from 3.3% to 4.1%
per year) and that rapid wage growth fol-
lowed reentry (5.1% in the first year), so
that the net loss in wages from dropping
out of the labor force was small.

Several more recent panel studies have
considered career interruptions of both
men and women. Using a Swedish com-
pany-level data set, Stafford and Sundstrom
(1996) attempted to explore the role of
signaling by comparing the effects of ca-
reer interruptions on wages for men versus
women. They estimated earnings equa-
tions with cumulative measures of work
experience and interruption time and
found that time out had a much larger
negative wage effect for men than for
women.

Light and Ureta (1995) departed from
the trend of employing cumulative mea-
sures. Considering young, white workers
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from the NLS young men and women
samples, they estimated a wage model that
included an array of experience variables
measuring the fraction of time spent work-
ing in the last year, 2 years ago, 3 years ago,
and so on, back to the beginning of an
individual’s career. An array of indicator
variableswas created that equaled one when
the career was in progress but the indi-
vidual did not work in the last year, 2 years
ago, and so on.

Light and Ureta’s model yielded mark-
edly higher estimated returns to experi-
ence and lower returns to tenure for both
men and women than have models that
measure work experience cumulativelyand
use the quadratic functional form. The
datarejected the standard model butnot
their model. This result suggests that
conventionally specified wage equations
provide a misleading picture of early ca-
reer wage growth not only for women but
also for men. Light and Ureta’s finding
that men are penalized more severely
than women for career interruptions ac-
cords with results reported by Stafford
and Sundstrom. For men, the drop in
earnings upon returning to work after a
year-long interruption was about 25%.
Four years after the interruption, wages
were still 10% lower than they would
have been if no interruption had oc-
curred. Women experienced an initial
drop of about 23%, and they caughtup to
their continuously employed counter-
parts after 4 years. Unfortunately, miss-
ing data are a particular problem with
the NLS’s samples of young men and
women because interviews sometimes
occur every two years, not annually. Asa
result, the number of weeks worked is
notknown for everyyear of arespondent’s
career. The number of weeks worked
may also be missing when a given indi-
vidual is not interviewed in a given year.

In a provisional study, Kunze (2002) used
a model similar to that of Light and Ureta
and a West German panel data set spanning
the years 1975 to 1997 for 17,000 individu-
als. She was able to distinguish several
different reasons for career interruptions:
unemployment, parental leave for female

workers, national service for male workers,
and other non-work spells. As expected,
she found that human capital depreciation
was less severe in the long run than in the
short run; in addition, it differed across
reasons for the interruption.

Comparing this model to the more tradi-
tional Mincerian quadratic model, Kunze
found little difference in predicted wages
for men between the two models. For
women, however, the more flexible model
predicted much higher wages than the
Mincerian model, and the gap widens as
experience accumulates; in fact, after 10
years of accumulated work experience the
difference is about 20%. The drawbacks to
this study include the fact that only full-
time, skilled workers who were observed in
apprenticeship training after high school
and who had no further education were
included. Individuals were thus mainly
followed over their early careers, but
workers who were not working continu-
ously from age 26 to age 30 were dropped
in an attempt to analyze more highly
attached workers.

Data and Empirical Specification

The panel data analysis for this paper
uses the National Longitudinal Survey of
Youth 1979 (NLSY79), which began annual
interviews in 1979 with over 12,000 indi-
viduals aged 14-22, continued interview-
ing that sample annually through 1993,
and since 1994 has followed the group with
interviews every two years. This study fo-
cuses on the men and women from the
representative sample of the NLSY79, com-
prising 6,111 individuals, over the time
period 1979-2000.

The NLSY79 contains a longer and more
complete record of work history informa-
tion than any of the other NLS samples. A
weekly labor force status is available for
each respondent up to the date of the very
last interview, regardless of how often the
respondent has been interviewed in the
past. For example, even though the survey
has been conducted every two years since
1994, respondents are now asked to report
their labor force activity in the previous two
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years. Moreover, a respondent who misses
an interview in a given year in the NLSY79
is asked to fill in his or her labor force
activity since the date of the last interview.
This information is updated in the weekly
labor status array. The other NLS samples
that have followed respondents’ careers for
a substantial period have not been consis-
tently updated in this way. Because of the
great detail, missing data for number of
weeks worked in a given year are not as
great a problem for the NLSY79 as for the
young male and female cohorts used by
Lightand Ureta. On the other hand, recall
may be a more serious problem, although
the design of the survey attempts to mini-
mize this.

The key variables created from these
data include an array of experience vari-
ables that measure the fraction of time
worked in the last year, 2 years ago, and
so on, back to the beginning of the
career. These are called FReWksWRkD ,
FRCWKSWRKDQ, ... F RCWKSWRKD22 (some in-
dividuals are observed as many as 22 years
into their career), where FRCWKSWRrkD de-
notes the fraction of weeks worked 7 years
ago, by calendar year. This fraction equals
zero either because an individual’s career
hasnotbegun or because that person expe-
riences a true career interruption. To dis-
tinguish between those two conditions, an
interruption dummy variable array is cre-
ated, INTRP, INTRPQ, e INTRPQO. When
FrRcWksWRkD is zero but the career is in
progress, INTRP equals one. INTRP there-
fore capture the effect of not working for
an extended period of time.

While there is certainly nothing magi-
cal about a calendar year, there are three
reasons for these particular formulations
of the FRCWksWRrkD and INTRP variables:
the NLSY79 data facilitate using a calen-
dar year; career interruptions of less than
6 months are less likely to have an impact
on wages, especially for women who take
maternity leave, as current state laws re-
quire that women be allowed to return to
work at the same pay rate within a certain
time range (6 months is most common,
but for some states it is as much as a
year); and this formulation is a good first

step because it allows direct comparison
with the results of the mostrecent studies
(Light and Ureta 1995; Kunze 2002),
which also used the calendar year.

Defining the start of an individual’s
career,which also determines when work
experience begins accruing, is somewhat
arbitrary. Here the start year is defined
as the first year that an individual is at
least 18 years of age and either not en-
rolled in school or employed full-time
(greater than 30 hours per week) for at
least 45 weeks out of the year. The start
year ranges from 1979 to 1993. Approxi-
mately 30% of individuals started their
career in 1979, and about 90% began
their career before 1985.

Approximately 2,994 individuals, some
60% of whom were male, had worked some
amount in every year following the start of
the career. While men may have had more
active and continuous work histories than
women overall, they experienced career
interruptions as well. Total time spent out
of the labor force for men was 2.9 years on
average, with a standard deviation of 3.7.
Women spent on average 5.3 years out of
the labor force,with astandard deviation of
5.1. The total number of times INTRP took
on the value of one was, on average, 2.53 for
women and 0.93 for men. For women with
more than a high school education, this
value was 1.75 compared to 3.12 for those
with a high school education or less. For
men, the corresponding numbers were 0.69
and 1.09, respectively. Although the INTRP
dummy variables only capture interruptions
of a sizeable duration and may not capture
the whole duration, these cursory summary
statistics indicate that more educated work-
ersinterrupted their careersless frequently
or for shorter periods of time than did the
less educated.

Table 1 presents the percentage of re-
spondents who worked more than a given
amount of time after their career began, by
gender and educational level, taking into
account any missing data. Educational at-
tainmentin 1994 is used as the benchmark,
since there are fewer missing values for that
year than for later years and less than 5% of
the sample was enrolled in 1994. More-
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Table 1. Percentage of Respondents Who Work More Than X% of the
Time after the Start of Their Career, by Gender and Schooling Level in 1994.

Group 10% 30% 50% 70 % 90 %

Women 95 87 75 57 29
Less Than High School 82 62 39 22 5
High School 97 88 72 52 24
Some College 99 93 83 65 35
College Graduates 99 96 88 73 49
Graduate School 100 97 91 81 49

Men 97 94 89 79 49
Less Than High School 97 91 82 64 31
High School 98 96 91 81 48
Some College 99 97 92 81 50
College Graduates 99 99 97 94 72
Graduate School 99 98 97 92 61

over, the percentage enrolled did not de-
crease much in subsequent years.

It is clear from the table that the more
educated tended to work for a larger frac-
tion of potential career time than did the
less educated. The only anomaly is that
men who attended graduate school were
slightlyless attached to the labor force than
were male college graduates, but this
anomaly occurs because some men were
still attending graduate school as of 1994.
The numbers also reveal that, not surpris-
ingly, women were less attached to the la-
bor force than were men. Overall, about
75% of women had worked more than half
of their potential career, as compared to
89% of men. But men were notas attached
to the labor force as might be expected:
less than 80% of them worked more than
70% of the time. These numbers suggest
that women took more time to accumulate
a given amount of experience than men,
yet men seem to have experienced appre-
ciable nonemployment spells.

These percentages are slightlylower than
similar calculations made by Light and
Ureta. For their comparable analysis, how-
ever, Light and Ureta only analyzed men
and women from ages 24 to 30, and they
confronted important gaps in the data.
Nevertheless, in both cases, substantial varia-
tion in accumulated experience remained
after controlling for gender and educa-

tion. As Light and Ureta pointed out,
this suggests that wage equations that
employ the sum of experience and many
individual-level controls may not be the
best way to measure differences in work
experience.

Several variations on the following gen-
eral wage model are explored in this paper:

(1) In(Wace) = o+ B, X, + B,Z + u,.

The dependent variable is the natural loga-
rithm of the average hourly wage, deflated
by the CPI, for person i at time £. The X,
represent regressors that vary over time for
each person, while the Z include the time-
invariant regressors. The X include expe-
rience measures, such as the previously
discussed FRCWKSWRKD , FRCWKSWRKDQ, .
FRCWKSWRKD22 and INTRP , INTRPZ, e INTRPZO,
as well as dummy variables indicating
whether an individual was married, whether
the individual had children present in the
household, how much education had been
attained (less than high school, high school
graduate, some college, college graduate,
or graduate school), whether the person
was currently enrolled in school, region of
residence (Northeast, North Central, South,
West), and whether the individual was work-
ing part-time (less than 30 hours per week).
The unemployment rate for the labor mar-
ket of current residence is also included.
The impact of the educational attainment
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variables is allowed to vary over the two
decades, as are the experience variables
where possible, in accordance with previ-
ous findings that the returns to education
and experience were changing over this
time period (see, for example, Katz and
Murphy 1992; Bound and Johnson 1992).
Here the Z include only a dummy variable
indicating if the person was white. Sepa-
rate equations are estimated for men and
women.

The error term u, can be expressed as
the sum of an individual component v, and
arandom componentg , both random vari-
ables with zero mean and constant vari-
ance. The random component is assumed
to be uncorrelated with the explanatory
variables, but it is likely that the individual-
specific component is correlated with a
number of the regressors. In fact, a
Hausman test following random effects es-
timation of all specifications presented be-
low allows rejection of the null hypothesis
of no correlation at the 1% significance
level. Thus fixed effects estimates are pre-
sented, which exploit the within-person
variation across time and yield consistent
estimates.!

Although weeks worked are available for
years in which individuals were not inter-
viewed, wages are not. Thus, observations
for the years 1995, 1997, and 1999 cannot
be included.? Individuals potentially re-
ported wages for up to 19 years, but not all

'Hausman-Taylor (1981) instrumental variables
estimation could potentially increase efficiency by
exploiting both within-person and cross-person varia-
tion, but these estimates are not presented here be-
cause the gain from doing so is minimal. The only
advantage is to allow estimation of the coefficient on
the race variable, the only time-invariant variable in
the model. Since this model includes no endogenous
time-invariant variables, Hausman-Taylor instrumen-
tal variables will yield the same coefficients as fixed
effects on all the time-varying variables.

2If these years’ position in the business cycle dif-
fers from that of the years we observe, the wage effects
could be misestimated. I attempted to fill in the data
for these years by averaging the values for preceding
and subsequent years; however, no substantive differ-
ences resulted.

wages are used. Observations that precede
the starting date of one’s career are ex-
cluded. Obviously, years in which an indi-
vidual did not work have no positive wage
observations either. Individuals who never
worked are thus excluded. Only 114 re-
spondents, over 56% of them female, re-
ported never working throughout 1979-99
once their career began. The few individu-
als (11) with full years of missing labor
force status are also excluded. These crite-
ria yield a sample of 5,935 individuals, 49%
of whom are male, and 69,909 observa-
tions. Individuals appear in the unbal-
anced panel a minimum of once and a
maximum of 19 times, with an average of
approximately 11.6 times.

Results

Specification 2 (Basic Segmented Model)
in Table 2, which includes total years of
actual experience and total years of non-
employment and their respective squares,
verifies that total time out of the labor force
mattered. In both cases, wages fell at a
decreasing rate with cumulative nonem-
ployment time. The finding that total time
out of the labor force mattered, and not
justwhether an interruption occurred, sug-
gests that not all human capital accumula-
tion was job-specific. For men, the loss
incurred from the first year of nonemploy-
ment in each decade was very similar, and
virtually identical in the 1990s, to the re-
turn to the first year of experience in that
decade. Women faced a similar scenario,
with a slightly larger difference between
the absolute values of the return to experi-
ence and the return to nonemployment in
the 1980s. The penalty from the first year
of nonemploymentwas approximately 74%
of the gain from the first year of employ-
ment for women in the 1980s, compared to
over 82% for men. Thus, the absolute loss
associated with nonemployment was larger
for men in both decades, and women were
not penalized as much as men for nonem-
ploymentin the 1980s relative to the return
to experience, though they were penalized
at a similar rate in the 1990s. In addition,
although overall returns to experience were
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lower in the 1990s than in the 1980s, there
was a slight convergence in the returns to
experience between the sexes over time.

These results are consistent with Light
and Ureta’s finding that interruptions are
less damaging for women than for men in
the sense that the initial wage loss is smaller
and the rebound is quicker. It is possible
that, in general, women select into careers
that are compatible with nonemployment,
so that human capital is more easily re-
stored. Lightand Ureta also suggested that
men may be more likely than women to
stop working for reasons thatare negatively
correlated with their productivity. These
results are also consistent with women’s
increasing commitment to the labor force,
since women’s relative penalty from non-
employment increased by the 1990s, while
their return to experience crept closer to
that of men. While discrimination against
women may have been declining, women
may have been expecting fewer interrup-
tions in the 1990s onward and may have
been transitioning to jobs less conducive to
human capital restoration.

Specification 3 (Segmented Model with
Interruption Dummies) is meant to investi-
gate how the timing of interruptions af-
fected wages. Experience is still measured
cumulatively, but the INTrP, INTRP,, ...,
InTRP,  dummy variables are included. This
specification is motivated by the disparate
results of previous studies that estimated
wage change equations, in which the differ-
ence between an individual’s first and last
observed wage over the course of the career
was estimated as a function of the duration
of the most recent interruption, the dura-
tion of the sum of other nonemployment
time, the sum of experience prior to the
most recent interruption, and the sum of
experience after the most recent interrup-
tion. Some researchers, such as Mincer
and Ofek, have found that the loss associ-
ated with the most recent interruption is
statistically significant and greater than the
loss associated with the sum of previous
nonemployment time; however, others have
found that the most recent interruption
hasno statistically significant effect on wage
growth. Corcoran, for example, found that

only interruptions occurring near the start
of one’s career have any statistically signifi-
cant impact.

My replication of a basic wage change
equation for women, presented in Appen-
dix Table A1, suggests that the most recent
career interruption alone did not have a
statistically significant impact on wage
growth, though total time spent out of the
labor force did. This result seems
counterintuitive, as one would expect in-
terruptions that occur relatively recently to
have more impact on wage growth than
those that occur farther in the past. On the
other hand, this result may simply be a
function of the data used. My data span a
much longer time period than those used
in previous studies that have estimated wage
change equations, and the likelihood that
any given interruption over such a long
period will be statistically significant may
be low. Because of the inconsistent results
and the fact that wage change equations do
not make use of all available data, consider-
ing the timing of nonemploymentin a true
panel study is relevant.

For both men and women, the null hy-
pothesis that the coefficients on the inter-
ruption dummies are jointly equal to zero is
rejected at the 1% significance level. The
estimates indicate that more recent inter-
ruptions mattered as far back as 4 years ago
in a consistent manner for men. Prior to
that, only interruptions 8 years ago and 20
years ago are statistically significant at all.
Why an interruption occurring 8 years ago
mattered and one occurring 7 years ago did
notisunclear, but the large negative effect
of an interruption 20 years ago is difficult
to ignore. This statistically significant re-
sult could be owing to a combination of two
factors.

First, as Corcoran found, interruptions
early in the career matter. Second, the
construction of the data only allows inter-
ruptions as far back as 20 years. For some
individuals, an interruption 20 years ago
may not have been the first career interrup-
tion, so this variable may be picking up
earlier interruptions. For women, with one
or two exceptions, interruptions mattered
as far back as 9 years, so statistically signifi-



CAREER INTERRUPTIONS AND EARNINGS 127

cant interruptions were more numerous
for women than for men. However, in
general, the absolute and relative losses
associated with interruptions were not as
steep for women as for men, which is con-
sistentwith the estimates of Specification 2,
the Basic Segmented Model. For example,
men experienced a loss of almost 4.8% if
they did not work three years ago, which is
68% of the return to the third year of
experience in the 1980s, whereas women
faced aloss 0f 2.9%, only 47% of the return
to the third year of experience in the 1980s.
What Specification 3 adds beyond Specifi-
cation 2 is that the effect of past interrup-
tions was more persistent for women, since
they continued to be influential as far back
as 9 years. A possible explanation that is
also consistent with a lesser penalty for
women than for men for a given interrup-
tion is that employers viewed women’s work
interruptions as a signal that these workers
were more likely to leave in the future, and
hence hired them for jobs that were com-
patible with nonemployment, such as ones
that required less training.?

The most detailed specification, Specifi-
cation 4 (Work History Model with Inter-
ruption Dummies) in Table 3, is very simi-
lar to that of Light and Ureta. It accounts
both for differences in total work experi-
ence accumulated and for the timing of the
experience by including the fraction of
weeks worked array as well as the interrup-
tion dummy variables. While some indi-
viduals are observed as far as 22 years into

3Specification 1 (Basic Mincer Model) is presented
for the sake of comparison. The returns to experi-
ence in Specification 3 are similar to those in Specifi-
cation 1. Comparing the estimates from Specifica-
tion 2 to Specification 1, the returns to experience
when interruption time is included are very similar
for both sexes during the 1990s, but they increase
slightly for the 1980s. The reason for this is not
readily apparent, but it should be kept in mind that
these are different models. It may also have some-
thing to do with the fact that not all experience is
observed for individuals who began working prior to
1979, so the observed experience has inflated re-
turns. Why the inclusion of nonemployment exacer-
bates this possible inflation remains unclear.

their career, so that the experience array
could contain as many as 22 elements, esti-
mation results for only 10 years are in-
cluded separately, as the statistical signifi-
cance of the fraction of weeks worked falls
off approximately 10 years ago for both
men and women. Foryears prior to 10 years
in the past, summary measures are calcu-
lated. The fraction of an individual’s ca-
reer that was spent working prior to 10
years ago is calculated, along with the num-
ber ofyear-long interruptions experienced.

The results indicate that, for both sexes,
once the timing of work experience has
been taken into account with the fraction
of weeks worked variables, interruptions
have no statistically significant additional
loss associated with them. The null hypoth-
esis that the interruption variables are
jointly equal to zero cannot be rejected at
the 20% level of significance for either men
or women.

Specification 5 (Basic Work History
Model) presents the estimation with just
the fraction of weeks worked variables in-
cluded. These estimates imply that specifi-
cations including the sum of experience
underestimate the return to experience in
more recent years and overestimate the
return in past years. Light and Ureta’s
finding that their more flexible work his-
tory model yielded higher returns to expe-
rience once a person’s career had been
under way for about 6 years is not corrobo-
rated here. Thisis notimmediately appar-
entbylooking at the estimates, butitcan be
seen by examining Figure 1, which shows
the general trend of the predicted natural
logarithm of wages against years of experi-
ence for Specifications 2, 3, and 5 for men
and women. Specification 1, the Basic
Mincer Model, is not graphed because it is
almost indistinguishable from the graph of
Specification 3, the Segmented Model with
Interruption Dummies. The overall trends
look remarkably similar for men and
women, which Light and Ureta also found.
Prior to about 12 years of experience, the
various specifications yield only small dif-
ferences in predicted wages. After that,
Specification 2 yields slightly higher re-
turns to experience than Specification 3,
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Table 2. Fixed Effects Estimates of Wage Equations
Using Continuous Experience Measures, 1979-2000.

Specification 1:

Specification 2:

Specification 3:
Segmented Model with

Basic Mincer Model Segmented Model Interruption Dummies

Independent Variable Coefficient t-stat Coefficient t-stat Coefficient t-stat
Men

Exp '80s 0.085%%* 289 0.102%%*  31.8 0.086%** 28 4
Exp? ’80s —0.004%*% -13.4 —0.005%*%  —16.6 —0.004%** 13,7
Exp '90s 0.051%#* 178 0.053%%* 18,1 0.048%**  16.3
Exp?’90s -0.001%** 9.2 -0.001%** 9.6 —0.001%** 8.2
Nonemp *80s —0.093%** -13.0
Nonewmp? "80s 0.009%#:* 7.2
Nonemp "90s —0.055%*% 12,1
Nonemp? "90s 0.002%#* 5.9
InTRP1 —0.094%** 51
INTRP2 —0.0327%* -2.0
INTRPS —0.048%** 3.3
INTRP4 —0.038%** 2.6
INTRPD -0.010 -0.7
INTRPO -0.019 -1.3
INTRP7 0.003 0.2
INTRPS —0.035%* -2.1
INTRPO 0.000 0.0
INTRP10 0.022 1.1
InTRP11 -0.012 -0.6
InTRP12 0.002 0.1
InTRP13 -0.015 -0.6
InTRP14 -0.001 -0.1
InTRP15 -0.028 -0.9
INTRP16 -0.036 -1.1
INTRP17 0.053 1.4
INTRP18 -0.009 -0.2
InTRP19 -0.035 -0.5
INTRP20 —0.162%* -2.0
Part-Time 0.049%#:* 5.8 0.057]%#%:* 6.0 0.057]%%:* 6.1
Enrolled —0.132%** 149 -0.126%** -14.3 —0.131%*%* -14.9
High School Grad. ‘80s —0.064%*% 4.1 —0.032%* -2.1 —0.054%** -3 4
Some College "80s —0.080%** -39 -0.026 -1.3 —0.063%** 3.1
College Grad. ‘80s 0.060%* 2.4 0.143%%* 5.5 0.079%s#* 3.0
Graduate School '80s 0.033 1.0 0.126%%:* 3.9 0.053* 1.6
Less High School "90s -0.062%** 3.2 -0.001 -0.1 -0.035 -1.8
High School Grad. ‘90s —0.082%%*x 37 -0.003 -0.2 —0.050%* -2.2
Some College "90s 0.010 0.4 0.108%#:* 4.0 0.048%* 1.8
College Grad. ‘90s 0.189%##:* 6.3 0.298##:* 9.7 0.226%#* 7.4
Graduate School "90s 0.205%#:* 6.2 0.330%%:* 9.6 0.244%%* 7.3
Married 0.055%#:* 9.2 0.050%%:* .8.5 0.055%#:* 9.3
Children Present 0.011* .19 0.012%* 1.9 0.011* 1.9
Urban 0.017%* 2.5 0.013%* 1.8 0.015%* 2.3
Northeast 0.087%##:* 4.6 0.078%#:% 4.4 0.079%#:* 4.5
North Central —0.043%** 2.7 —0.045%**  —2.9 —0.042%%% 2.7
West 0.080%#:* 4.7 0.079%:% 4.6 0.0803%#:* 4.7
Unemployment Rate -0.028%#* -11.7 -0.032%#% -13.1 —-0.029%** -12.1
White (dropped) (dropped) (dropped)
R? Within 0.266 0.273 0.268
No. Observations 36,429 36,429 36,429

Continued
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Table 2. Continued.

Specification 3:

Specification 1: Specification 2: Segmented Model with
Basic Mincer Model Segmented Model Interruption Dummies
Independent Variable Coefficient t-stat Coefficient t-stat Coefficient t-stat
‘Women
Expr ’80s 0.069%** 231 0.081%**  26.2 0.070%**% 235
Expr? 80s —0.002%*% 7.6 —0.003***  —-10.1 —0.003*** 8.2
Expr ’90s 0.046%**  17.5 0.045%#% 171 0.039%#** 13,9
Expr? 90s —0.001%#x 7.7 —0.001%#* 7.9 —0.001*** 5.4
Nonewmp *80s —0.065%** —11.8
Nonewmp? 80s 0.005%#:* 6.6
Nonewmp "90s —0.049%**  —-16.0
Nonewmp? 90s 0.002%**  10.5
InTRP1 -0.076%%* 6.1
INTRP2 —0.046%**  —4.4
INTRPS —0.029%** 2.9
INTRP4 —0.020%* -2.0
INTRPD -0.015 -1.5
INTRPG —0.023%* -2.2
INTRP7 —0.030%***  -2.8
INTRPS 0.010 0.9
INTRPY —0.028%* -2.4
INTRP10 0.010 0.8
InTrRP11 -0.009 -0.7
InTRP12 -0.026%* -1.8
InTRP13 0.003 0.2
InTRP14 -0.001 -0.1
InTRP1H 0.005 0.2
INTRP16 -0.036%* -1.7
INTRP17 -0.031 -1.2
InTRP18 -0.029 -1.0
INTRP19 0.036 0.9
INTRP20 -0.086%* -1.7
Part-Time —0.017%%x 3.3 -0.009%* -1.8 —0.012%* -2.3
Enrolled -0.069%** 9.8 -0.067*%% 9.6 —0.068%#* 97
High School Grad. ’80s -0.016 -1.0 0.007 0.4 -0.003 -0.2
Some College "80s -0.013 -0.7 0.033 1.6 0.006 0.3
College Grad. ’80s 0.112%:#:* 4.7 0.182%:#:* 7.5 0.1373%%:% 5.7
Graduate School '80s 0.127%%: 4.3 0.205%#:* 6.9 0.158%:#:* 5.4
Less High School "90s —0.038%** -2.1 0.044%** 2.1 0.021 1.1
High School Grad. 90s -0.012 -0.6 0.087:%#:% 3.7 0.056%* 2.5
Some College "90s 0.053%* 2.2 0.161%*:* 6.4 0.124%#%* 5.0
College Grad. *90s 0.188%:#:* 7.0 0.306%**  10.8 0.260%%:* 9.3
Graduate School '90s 0.2703%%:% 9.2 0.397%%% 12,9 0.347%%%  11.5
Married 0.014%#:* 2.8 0.010%* 2.1 0.014%#:* 2.8
Children Present —0.033%xx 57 -0.007 -1.2 —0.022%**% 3.8
Urban 0.013* 2.0 0.009 1.3 0.010 1.5
Northeast 0.096%#:* 5.8 0.089 5.4 0.0927%#* 5.6
North Central 0.043%#:* 2.9 0.0373%%:% 2.5 0.040%*:* 2.8
West 0.111%%:* 6.8 0.109%#:* 6.8 0.110%*:* 6.8
Unemployment Rate —0.010%**% 4.5 —0.014%**%  -6.4 —0.013***%  -5.6
White (dropped) (dropped) (dropped)
R? Within 0.229 0.238 0.233
No. Observations 33,480 33,480 33,480

*Statistically significant at the .10 level; **at the .05 level; ***at the .01 level.
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Table 3. Fixed Effects Estimates of Wage Equations
Using Alternative Experience Measures, 1979-2000.

Men

Women

Specification 4: Work
History Model with
Interruption Dummies

Specification 5:
Basic Work
History Model

Specification 4: Work
History Model with
Interruption Dummies

Specification 5:
Basic Work
History Model

Independent Variable Coefficient t-stat Coefficient t-stat Coefficient  t-stat Coefficient t-stat
FrRCWKSWRKD1 0.173%*%  20.6 0.169%#** 21.2 0.160%** 21.9 0.157#%% 233
FRCWKSWRKD2 0.072%*%  11.6 0.069%** 11.3 0.051%#** 8.8 0.05 1 9.1
FrRCWKSWRKD3 0.068%** 8.6 0.069%** 9.1 0.065%*% 9.1 0.064% 9.4
FrRCWKSWRKD4 0.050%** 5.8 0.052%** 6.3 0.046*** 5.9 0.046%** 6.2
FrRCWKSWRKDS 0.039%** 4.5 0.038%#** 4.6 0.031%** 3.9 0.032%** 4.2
FrRCWKSWRKD6 0.041%** 4.7 0.042%** 4.9 0.027#%% 3.4 0.032%** 4.2
FRCWKSWRKD7 0.019%* 2.2 0.019%* 2.3 0.036%** 4.4 0.039%%# 5.0
FRCWKSWRKDS 0.029%** 3.2 0.034%** 3.8 0.032%*% 37 0.0273%: 3.4
FRCWKSWRKDY 0.023%%* 2.5 0.023%%* 2.5 0.026%** 3.0 0.029%:** 3.5
FRCWKSWRKD10 0.019%%* 2.0 0.017%* 1.9 0.026%** 2.9 0.023%** 2.8
FrRcWksWRrkD11 + 0.083%#** 9.6 0.083%#** 9.8 0.078**% 9.3 0.0793%:* 9.7
INTRP] 0.020 1.0 0.013 1.0

INTRP2 0.027 1.6 0.000 0.0

INTRPS -0.004 -0.3 0.003 0.3

INTRP4 -0.015 -1.0 0.000 0.0

INTRPD 0.001 0.1 -0.004 -0.4

INTRPG -0.008 -0.5 -0.017 -1.6

INTRP7 0.000 0.0 -0.017 -1.5

INTRPS —0.035%:% -2.0 0.018 1.6

INTRPY -0.004 -0.2 -0.018 -1.4

INTRP10 0.015 0.8 0.014 1.1

# INTRP1 1+ 0.006 1.0 0.000 -0.1

Part-Time 0.063%* 7.5 0.063%* 7.5 -0.001 -0.1 -0.001 -0.2
Enrolled —0.129%:#*  _14.7 —0.129%#%  _14.7 —0.068%*#* 9.7 —0.068%*#* 9.7
High School Grad. *80s —0.049%*#* 3.2 —0.048%:#* -3.2 -0.004 -0.3 -0.004 -0.3
Some College "80s —0.054%#* 2.7 —0.053 %% -2.7 0.018 0.9 0.017 0.9
College Grad. ’80s 0.100%:* 3.9 0.1071 %% 4.0 0.162%*% 6.8 0.161%#** 6.9
Graduate School "80s 0.077%* 2.4 0.079%:* 2.5 0.176%*% 6.1 0.175%:% 6.1
Less High School "90s —0.096%#* 8.7 —0.097%:#:% -8.9 —0.071%%% 4.9 —0.075%%* 5.3
High School Grad. "90s —0.103%*%*  —6.3 —0.103%:#:* -6.4 -0.033* -1.9 —0.035%* -2.1
Some College "90s -0.005 -0.3 -0.006 -0.3 0.042%%* 2.1 0.039%%* 2.0
College Grad. "90s 0.164%* 6.2 0.164%* 6.3 0.181%#*% 7.5 0.178%%: 7.5
Graduate School "90s 0.184%#** 6.2 0.185%** 6.3 0.265%** 9.9 0.26]1%#** 9.9
Married 0.047%%% 7.9 0.046%** 7.8 0.012%*% 2.6 0.012%* 2.6
Children Present 0.015%%* 2.4 0.015%* 2.4 -0.014%*  -2.3 —0.015%**  -2.6
Urban 0.003 0.4 0.003 0.4 -0.001 -0.1 0.000 -0.1
Northeast 0.07 3% 4.2 0.07 3% 4.2 0.085%** 5.2 0.085%** 5.2
North Central —0.045%** 2.9 —0.045%%* -2.9 0.037%* 2.5 0.037:%* 2.6
West 0.075%:# 4.4 0.075%:#% 4.4 0.108#*% 6.7 0.108:% 3 6.7
Unemployment Rate —0.034%#*  _14.6 0.034%#%  -14.8 —0.019%%* 8.6 —0.019%** 8.6
White (dropped) (dropped) (dropped) (dropped)

R? Within 0.273 0.272 0.241 0.241

No. Observations 36,429 36,429 33,480 33,480

*Statistically significant at the .10 level; **at the .05 level; ***at the .01 level.

while Specification 5 yields lower returns.
These trends also differ from Kunze’s find-
ings. She showed that the difference be-
tween her work history model and the
simple Mincerian model was very small for
men, but the work history model consis-
tently yielded higher returns for women.

The possible reasons for the differences
between the studies are numerous. Each
study uses a slightly different sample and
spans a different time period, with Kunze’s
sample coming from a different country.
Both Light and Ureta and Kunze used a
young sample; Kunze’s sample was espe-
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Figure 1. Predicted Wage-Experience Profiles.
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Table 4. Ratios of Estimated (Mean) Wages.

Workers with an

Interruption

X Ymr.s[') Ago Men Women

vs. Workers Specifi- Specifi- Specifi- Specifi- Specifi- Specifi- Specifi- Specifi-
with No cation cation cation cation cation cation cation cation
Interruptions 1 2 3 5 1 2 3 5

1 0.953 0.870 0.868 0.845 0.954 0.895 0.885 0.854
2 0.953 0.870 0.922 0.933 0.954 0.895 0.912 0.950
3 0.953 0.870 0.908 0.933 0.954 0.895 0.927 0.938
4 0.953 0.870 0.917 0.949 0.954 0.895 0.935 0.955

ciallyattached to the labor force. My sample
spans a wider range of ages and uses more
complete data. Confining the analysis to
the younger workers in my sample pro-
duces results similar to those reported for
my whole sample: the Basic Work History
Model continues to yield lower returns to
experience than the other specifications
after about 12 years of experience has been
accumulated. In addition, the three stud-
ies use three different models. Notably,
Kunze’s model took the reason for the in-
terruption into account, which may be why
she found differences between the sexes,
whereas Light and Ureta and I do not. One
important common finding of all three stud-
iesis that measuring an individual’s experi-
encein amore detailed fashion than simply
with a cumulative measure appears to be
important at higher experience levels. At
low levels of experience, a cumulative mea-
sure provides just as much information.
To further investigate the effect of inter-
ruptions, in Table 4 I present some calcula-
tions based on the various estimates pre-
sented above. More specifically, Table 4
presents the wages of workers who experi-
enced an interruption lastyear, 2 years ago,
3 years ago, and 4 years ago relative to the
wages of workers who worked continuously.
The calculations assume that workers were
five years into their working lives during
the 1980s. Specification 1, the Basic Mincer
Model, allows for an interruption only in
the sense that a year of experience is fore-
gone. Specification 2 takes cumulative
nonemployment time into account, but the
return to an interruption is the same no

matter when the interruption occurs. Intu-
itively, however, the penalty associated with
a given interruption should decline over
time, and Specification 3, the Segmented
Model with Interruption Dummies, and
Specification 5, the Basic Work History
Model, allow for that possibility.

For men, the loss in earnings upon re-
turning to work ranged from about 13% to
almost 16% depending on whether Specifi-
cation 3 or Specification 5 is considered,
but wages had rebounded to a great extent
after just one year. For women, the penalty
upon returning to work ranged from al-
most 12% to almost 15%. In addition, the
relative wage rebound over four years was
the same for both sexes under Specifica-
tion 3,* but it was slightly quicker for men
under Specification 5. This is consistent
with the point made in the previous discus-
sion that although women are not penal-
ized as much as men for a given interrup-
tion, the effect of their interruptions per-
sists longer.

An Application of the Work
History Model: Wage Gaps
and Employment Expectations

Estimating alternatives to traditional
Mincerian wage equations is certainly use-

*The rebound is slower for women than for men
when workers with more years of experience have
interruptions further in the past than four years,
which is consistent with the previously reported find-
ing of this analysis that more past interruptions mat-
tered for women than for men.
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fulfor analyzing career interruptions, which
unquestionably affect wages. However,
when career interruptions are not the ex-
plicit topic of study, are their wage effects
large enough to justify supplementing tra-
ditional Mincerian wage equations? Light
and Ureta applied their work history speci-
fication to an analysis of the earnings gen-
der gap. They decomposed the gender
wage gap into the portion due to differ-
ences in returns to experience and the
portion due to timing of experience by
comparing the wages of men and women
with equal amounts of experience, using a
procedure similar to that proposed by
Blinder (1973) and Oaxaca (1973).

First, Lightand Ureta calculated the wage
gap due to differences in the returns to and
timing of experience by multiplying each
person’s values for the fraction of weeks
worked by the coefficients for his or her
gender and then subtracting the women'’s
average log wage for a particular experi-
ence category from the men’s average for
the same experience category. This was
decomposable into a portion due solely to
timing and a portion due solely to returns.
The wage gap due solely to timing was
calculated by multiplying the fraction of
weeks worked for all individuals by the
coefficients from the male regression and
then subtracting the women’s average from
the men’s average. Light and Ureta found
that the observed wage gap between men
and women averaged about 40% across
experience categories. The gap due to
timing andreturns between men and women
ranged from about 10% to 28%, depending
on the experience level. The gap due solely
to timing ranged from less than 1% to
about6%;while these percentagesare small,
they accounted for 20% to 30% of the total
experience gap (due to both timing and
returns) for most experience groups.

My replication of this procedure yields
slightly different results, as can be seen in
Table 5. Workers had up to 22 years of
experience in the sample, and the wage gap
estimated by Specification b, the Basic Work
History Model, ranges from 13% to 20%,
depending on the amount of experience
acquired. Itis notsurprising that the total

gender wage gap is smaller than Light and
Ureta found, as their sample spanned an
earlier time period, 1968-81. The wage
gap due to both timing of and returns to
experience ranges from anegligible amount
to over 5%. This suggests that the vast ma-
jority of the gender wage gap in my
sample was accounted for by differences in
mean endowments of the other explana-
tory variables and the returns to these en-
dowments. For almost all experience
groups, about 20% to 25% of the total
estimated wage gap is accounted for by the
timing of and returns to experience. Light
and Ureta, in contrast, found that for most
experience groups, almost 50% of the total
gap was due to the timing of and returns to
experience.” The wage gap due solely to
the timing of experience in my sample is
very small, ranging from 0.6% to over 2%.
However, between 18% and 50% of the gap
due to timing and returns is explained by
timing, which is comparable to the range
found by Light and Ureta.

Light and Ureta’s findings lead one to
question the automatic use of the Mincerian
wage equation that pervadeslabor econom-
ics, and my findings corroborate this con-
cern to alesser degree. While the estimated
portion of the total gap explained by both
the timing of and the returns to experience
is larger in Light and Ureta’s study than in
the present one, the two studies show that
a similar portion of the timing and returns
gap is accountable to the timing of experi-
ence alone.®

°As with any wage gap decomposition, caution
must be taken when interpreting the results. The
effectof changesin individual coefficients used in the
decomposition on the gender gap depends not only
on how the variables are measured but also on the
assumption that all of the other coefficients remain
unchanged. Another possible reason for the differ-
ence, one might surmise, is that Light and Ureta’s
sample was slightly younger than mine. However,
when I repeat this procedure for a sample similar to
theirs, I find that for most experience groups less
than 20% of the total wage gap is explained by timing
and returns.

SAn analysis of the earnings gap between women
without children and women with children, presented
in Table A2, yields slightly different results. The



134 INDUSTRIAL AND LABOR RELATIONS REVIEW

Table 5. Decomposition of the Gender Wage Gap.

Total Gap Due to Column (3) as a
Years Estimated Timing and Gap Due to Percentage of
Experience Gap Returns Timing Column (2) No. Observations
(1) (2) 3) 4) Men Women

0 0.127 0.000 — — 1,867 1,968
1 0.144 0.016 0.006 0.348 2,824 2,945
2 0.157 0.028 0.007 0.253 2,782 2,868
3 0.171 0.037 0.010 0.279 2,713 2,797
4 0.186 0.046 0.014 0.313 2,636 2,663
5 0.189 0.048 0.011 0.239 2,546 2,622
6 0.195 0.050 0.013 0.253 2,455 2,374
7 0.190 0.043 0.010 0.243 2,363 2,219
8 0.197 0.049 0.014 0.283 2,244 2,061
9 0.194 0.045 0.013 0.278 2,116 1,877
10 0.193 0.044 0.013 0.301 1,945 1,676
11 0.202 0.054 0.022 0.408 1,787 1,453
12 0.188 0.046 0.014 0.295 1,565 1,290
13 0.195 0.050 0.018 0.356 1,413 1,112
14 0.184 0.044 0.011 0.244 1,191 912
15 0.196 0.046 0.012 0.274 1,009 734
16 0.187 0.043 0.010 0.224 827 604
17 0.198 0.041 0.007 0.180 599 438
18 0.197 0.046 0.012 0.270 572 391
19 0.199 0.038 0.004 0.115 364 230
20 0.203 0.041 0.007 0.172 313 198
21 0.202 0.035 0.001 0.037 144 78
22 0.170 0.035 0.001 0.027 154 70
0-22 0.200 0.058 0.030 0.516 36,429 33,480

Note: Observations are grouped based on years of work experience accumulated, rounded to the nearest

whole number.

The Role of Career Expectations

Another potential problem with com-
paring wage equations between the sexes
and calculating wage gaps is the lack of
consideration for career expectations, and
exploring this topic seems a natural exten-
sion of this study. Perhapswomen’sreturns
to experience are lower than men’s be-
cause their career interruptions are ex-
pected to a greater degree than men’s, and

timing effect again explains a very small portion of
the overall gap, and for most experience groups it
explains a smaller portion of the gap due to timing
and returns than it does for the gender gap decompo-
sition. Holding the amount of experience constant,
the returns to experience explain most of the total
gap between mothers and non-mothers. Again, how-
ever, caution must be exercised in interpreting de-
tailed wage decompositions.

hence women invest less in human capital.
If the currently estimated returns to the
fraction of weeks worked are underesti-
mated for women because of a failure to
take career expectationsinto account, then
the portion of the gap due to timing will be
understated, while the portion due to re-
turns alone will be overstated. Human
capital theory predicts that individuals who
expect interruptions will have slower wage
growth than those who are employed con-
tinuously or who experience unanticipated
interruptions. They are willing to accept
this slower wage growth in return for a
higher initial wage. Thus, if expectations
about future interruptions affect current
decisions about human capital investment,
the interaction of a variable indicating the
extent of future career interruptions with
current experience will have a negative
coefficient, while including the variable by
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itself will result in a positive coefficient.

The question of whetherafuture planned
interruption will have an impact on current
earnings growth has been discussed at
length (see, for example, Polachek 1975;
Weiss and Gronau 1981), but few attempts
have been made to determine the impact
empirically. No study has been able to
make full use of panel data, and none has
looked at both men and women. Sandell
and Shapiro (1979) used a variable from
the National Longitudinal Surveys of Young
Women (NLSYW) indicating what an indi-
vidual expected to be doing at 35 years of
age as of the start of the survey in 1968.
They estimated a cross-sectional wage equa-
tion that included a dummy variable equal
to one if awoman planned to work atage 35
and interaction terms for work experience
and plans to work, and their results sup-
ported the human capital hypothesis. How-
ever, their wage equations did not incorpo-
rate time spent out of the labor force, just
work experience; thus, it may be that these
interaction terms were capturing the ef-
fects of time spent out of the labor force.

Cox (1984) used data from the 1973
Current Population Survey and the 1937-
73 Social Security Longitudinal Earnings
Public Use File to estimate segmented earn-
ings functions for women, interacting a
future interruption with current experi-
ence. Herestricted his study towomen who
experienced either no interruptions or one
interruption at most, which neglected a
large number of individuals and resulted in
a small sample size. Nevertheless, his re-
sults partially supported the human capital
hypothesis. Earnings growth in general was
lower if a future work interruption existed,
but relatively longer future career inter-
ruptions were associated with a slightly
higher rate of earnings growth early in the
life cycle.

My analysis, presented in Table 6, in-
cludes both men and women. For each
year, I calculate the fraction of future years
spent not working, FUTINTRP, and interact
this variable with current work experience.
Specification 2 with Expectations is an ex-
tension of the Basic Segmented Model. As
human capital theory predicts, the coeffi-

cient on FuTINTRP is positive and statisti-
cally significant for both sexes, but the
magnitude is larger for men. This suggests
that women did not require as high an
initial wage to compensate them for slower
wage growth prior to an interruption.
Moreover, the interaction between FUTINTRP
and experience has negative coefficients in
both decades. The absolute magnitudes of
the coefficients are similar across the sexes,
but relative to the return to experience,
women faced slower wage growth prior to
interruptions. In addition, the interaction
terms are more statistically significant for
women; in fact, the interaction term for
men in the 1980s is insignificant. This is
consistent with women being more likely
than men to expect future interruptions.
Controlling for expectations does not sig-
nificantly affect the returns to experience
for either sex, suggesting that there are
other explanations for the return to expe-
rience for women being lower than that for
men. Again, one possibility is employer
discrimination.

Specification 5 with Expectations is an
extension of the Basic Work History Model.
The fraction of weeks worked n years ago,
for example, is interacted with the value of
FuTINTRP 7 years ago in order to measure
what an individual’s career expectations
were n years ago. Now the coefficient on
FuTINTRP is not statistically significant for
women, but it is still positive and statisti-
cally significant for men. This is more
extreme than the result from Specification
2, suggesting that women did not require
any compensation for slower wage growth
due to future interruptions. The coeffi-
cientson the interaction terms, while mostly
negative for both sexes, are statistically sig-
nificant only about half of the time.

Because of the unwieldy nature of this
specification, I am hesitant to place much
emphasis on these results. Itisinteresting
to note, however, that the returns to past
experience again do not increase once an
attempt is made to control for career ex-
pectations. This suggests that the portion
of the gender gap due to timing is not
understated because of a failure to take
career expectations into account.
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Table 6. Selected Fixed Effects Estimates of Wage
Equations Using Expectations Measures, 1979-2000.

Men

Women

Specification 2
with Expectations

Specification 5
with Expectations

Specification 2
with Expectations

Specification 5
with Expectations

Independent Variable Coefficient t-stat Coefficient t-stat Coefficient  t-stat Coefficient t-stat
FuTINTRP 0.468:% 4.5 0.166%* 4.2 0.243%*% 4.2 -0.019 -0.8
FurtIntrP*Exp "80s -0.024 -1.1 -0.026**  -2.0

FurtIntrp*Exp2 80s -0.001 -0.2 0.000 0.2

FutINTRP*EXP "90s —0.040%** 2.8 -0.036%** 4.2

FurtInTrp*ExP2 90s 0.000 0.4 0.001%#%* 2.3

Exp "80s 0.102%#*%  28.7 0.083#** 22.3

Exp? 80s —0.005%#*  —-14.7 —0.003%*** 8.7

Exp "90s 0.055%*%  18.5 0.047%%% 17.6

Exp? ’90s —0.001%*#* -10.2 —0.001%#%* 8.6

Nonemp "80s —0.073%#x 8.7 —0.057%%% 9.6

Nonemp? "80s 0.0093%* 7.3 0.005%*% 6.8

Nonemp "90s —0.034%#* 5.3 —0.042%%* —11.1

Nonemp? "90s 0.003%# 6.2 0.003%*% 11.1

FutINTRP1*#FRCWKSWRKD 1 —0.148%** -3.6 0.054%%* 2.1
FUuTINTRP2¥FRCWKSWRKD2 0.006 0.2 -0.010 -0.4
FutINTRP3*FRCWKSWRKD3 —0.119%:** -2.8 -0.055% -1.9
FurtINTRP4#FRCWKSWRKD4 —0.102%* -2.2 -0.055% -1.7
FuTINTRP5*FRCWKSWRKDS -0.071 -1.5 —0.068%* -2.0
FuTINTRP6*FRCWKSWRKD6 -0.008 -0.2 -0.032 -0.9
FUTINTRP7#FRCWKSWRKD 7 —0.122%* -2.3 0.001 0.0
FuTINTRP8*FRCWKSWRKDS 0.041 0.8 -0.057 -1.5
FuTINTRPO*FRCWKSWRKDY -0.024 -0.4 -0.070% -1.8
FutINTRP10%*FRCWKSWRKD10 —0.166%** -2.9 —0.094%* -2.4
FutInTRP11#FRCWKSWRKD1 1+ -0.072 -1.2 -0.035 -0.9
FrRCWKSWRKD1 0.170%: 17.4 0.132%*%  14.4
FRCWKSWRKD2 0.063%** 8.9 0.046%* 6.5
FrRCWKSWRKD3 0.075%:* 8.1 0.068:% 7.8
FrRCWKSWRKD4 0.060%* 6.1 0.05 1 5.5
FrRCWKSWRKDS 0.044%* 4.4 0.040%:* 4.1
FrRCWKSWRKD6 0.038%#** 3.7 0.034%** 3.5
FRCWKSWRKD7 0.028%#** 2.8 0.03 3% 3.3
FrRCWKSWRKDS 0.028%#** 2.6 0.032%** 3.1
FrRCWKSWRKDY 0.019* 1.8 0.037%:% 3.5
FRCWKSWRKD10 0.030%** 2.8 0.037:%%% 3.5
FrRCWkSWRKkD1 1+ 0.0793%: 8.2 0.070%: 7.2
R? Within 0.273 0.276 0.239 0.245

No. Observations 36,429 36,429 33,480 33,480

Note: The remainder of the explanatory variables are the same as in previous regressions. Full results are available from

the author upon request.

*Statistically significant at the .10 level; **at the .05 level; ***at the .01 level.

Of course, it is important to remember

that this analysis uses an ex post measure of
expectations, which assumes that individu-
als correctly anticipate future interruptions.
An ex post measure of expectations is cer-
tainly not perfect, but it is the most practi-
cal approach given data limitations. More
specifically, the measure used here assumes
that individuals correctly anticipated how
much interruption time they would experi-

ence in the future, not just whether an
interruption would occur. Itseemsreason-
able to suppose that a worker is able to
correctly predict more than just the exist-
ence of any future interruptions. Never-
theless, itis encouraging that other specifi-
cations with simpler measures of expecta-
tions (not presented here), such aswhether
an interruption of at least a year occurs in
the future, yield similar general conclu-
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sions. Taken together, the results suggest
that future career interruptions do affect
current wages and are expected to some
degree for both sexes, probably more so for
women than for men.

Conclusion

This study finds that total nonemploy-
ment time has a statistically significant de-
preciation effect on wages, which corrobo-
rates past findings. Previous literature,
however, has been divided as to whether
any given interruption, especially the most
recent interruption, matters. Researchers
estimating wage change equations in the
1970s and 1980s failed to come to a consen-
sus. More recent studies have found that
only interruptions occurring in the past
few years matter. This paper, using data
that are more complete and span a longer
time period than the data used in previous
studies, finds that, while more recent inter-
ruptions mattered, past interruptions and
ones that occurred at the very beginning of
an individual’s career also mattered. Italso
finds that wage losses associated with non-
employment were less severe for women
than for men, although more pastinterrup-

tions seemed to matter for women than
men. In addition, once the timing of an
individual’swork experience has been taken
into account, I find that little further pen-
alty is associated with long periods of non-
employment. In these data, the timing of
experience explains a very small percent-
age of the gender wage gap, and control-
ling for career expectations does not change
this result. However, career expectations
did affect current wages for both men and
women to some extent, though there is
limited evidence suggesting that women’s
interruptions were more anticipated.

When career interruptions are not the
focus of study, it is not clear whether esti-
mating traditional Mincerian wage equa-
tions is justified. However, this study indi-
cates that such estimations are less prob-
lematic than previous ones, like Light and
Ureta’s. Itis beyond the scope of this paper
to investigate whether depreciation effects
vary with type of interruption, but such a
study might provide insight into why the
wage losses of interruptions vary by sex. It
might also be useful in exploring the re-
spective roles of human capital, signaling,
and job mismatch theories in individuals’
work histories.



138 INDUSTRIAL AND LABOR RELATIONS REVIEW

Appendix Table Al
First and Last Wage Change Equations for Women, 1979-1998
Change in Independent Variable Coefficient t-stat
Cumulative Experience Measures

Total Experience 0.031%%* 2.2
Change in Total Experience? —-0.001 -0.8
Total Nonemployment —0.038%** -2.7
Total Nonemployment? 0.002% 1.7
Years Schooling 0.104%%%* 13.4
Years Tenure 0.014%%* 4.5
Constant -0.022 -0.3
Adjusted R? 0.231

No. Observations 2,012

Segmented Experience Measures

No Interruption 0.087 0.7
Previous Experience 0.010%* 2.0
Previous Nonemployment -0.008 -1.0
Most Recent Nonemployment 0.021 0.8
Most Recent Nonemployment? -0.002 -1.0
Post Experience 0.054%%% 3.9
Post Experience? -0.001 -1.6
Total Experience*No Interruption 0.041%%* 2.2
Total Experience®No Interruption -0.001 -1.2
Years Schooling 0.102%%* 13.2
Years Tenure 0.010%%* 3.1
Constant -0.117 -1.4
Adjusted R? 0.243

No. Observations 2,012

Note: No Interruption = 1 if worker never experienced a career interruption.
*Statistically significant at the .10 level; **at the .05 level; ***at the .01 level.
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Appendix Table A2
Decomposition of the Wage Gap Between Mothers and Non-Mothers

Total Gap Due Column (3) as a
Years Estimated to Timing Gap Due to Percentage of
Experience Gap and Returns Timing Column (2) No. Observations
(1) (2) (3) (4) Non-Mothers Mothers

0 0.058 — — — 1,522 446
1 0.111 0.040 0.032 0.822 2,087 858
2 0.107 0.040 0.020 0.509 1,892 976
3 0.123 0.066 0.032 0.481 1,707 1,090
4 0.133 0.081 0.031 0.387 1,489 1,174
5 0.132 0.091 0.027 0.295 1,311 1,211
6 0.132 0.100 0.022 0.219 1,159 1,215
7 0.142 0.111 0.018 0.161 971 1,248
8 0.158 0.136 0.026 0.187 851 1,210
9 0.178 0.153 0.027 0.175 717 1,160
10 0.186 0.171 0.028 0.166 603 1,073
11 0.193 0.185 0.037 0.198 494 959
12 0.189 0.182 0.028 0.156 412 878
13 0.192 0.182 0.027 0.150 351 761
14 0.175 0.176 0.018 0.100 258 654
15 0.173 0.183 0.024 0.129 217 517
16 0.156 0.171 0.008 0.045 176 428
17 0.151 0.164 0.000 — 132 306
18 0.165 0.173 0.007 0.040 116 275
19 0.145 0.162 — — 72 158
20 0.161 0.173 0.003 0.016 61 137
21 0.146 0.166 — — 28 50
22 0.158 0.174 — — 22 48
0-22 0.038 0.014 — — 16,648 16,832

Note: Observations are grouped based on years of work experience accumulated, rounded to the nearest
whole number.
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