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re-examine the evidence presented by Yelowitz.  They find that Yelowitz’s results
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ince the advent of “welfare reform” in
1996, which replaced the Aid to Fami-

lies with Dependent Children (AFDC) pro-
gram with Temporary Assistance to Needy
Families (TANF), there has been strong
interest in factors that help single-headed
families leave cash assistance.  One factor
that has received some attention is the link
between cash assistance and publicly pro-
vided health insurance (Medicaid).  Until
the late 1980s, virtually the only way for a

low-income woman or child to receive Med-
icaid was to participate in AFDC.  Since
leaving AFDC meant losing one’s health
insurance as well as cash support, and since
many low-wage jobs do not offer health
insurance, the connection between AFDC
and Medicaid provided an additional in-
centive for a woman to remain on welfare,
even if she might otherwise choose to par-
ticipate in the labor force.

Beginning in the late 1980s, however,
Medicaid coverage was expanded to chil-
dren in families with incomes well above
the AFDC limits.  Separate Medicaid eligi-
bility income limits were established that
were linked to the poverty line rather than
to a state’s AFDC limits, permitting chil-
dren in low-income working-parent fami-
lies to qualify for Medicaid despite their
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family’s ineligibility for AFDC.  This break
in the link between AFDC and Medicaid for
children has potentially made it easier for
families to leave welfare, since at least some
of the children in the families can keep
their health insurance following an exit
from welfare.  In this paper, we investigate
whether the availability of Medicaid cover-
age for children unconnected to AFDC led
to increased labor force participation and
reduced welfare participation among single
mothers.  This issue is particularly relevant
for current policy, since under TANF, Med-
icaid eligibility determination is separate
from cash assistance eligibility determina-
tion.  Our paper provides evidence on
whether this separation is likely to result in
greater labor force participation.

Previous work on the question of whether
Medicaid eligibility affected welfare par-
ticipation has led to mixed results.  Early
researchers typically found little evidence
that eligibility for Medicaid affected labor
force or welfare participation among single
women.  However, these researchers faced
the difficulty of separating the impact of
Medicaid from the direct impact of AFDC,
because prior to the expansions Medicaid
was rarely received in the absence of cash
welfare payments.  In a 1995 paper widely
cited in both academic and policy circles,
Aaron Yelowitz used the separation between
AFDC and Medicaid eligibility for children
induced by the Medicaid expansions to ex-
amine this question.  Using data from the
1989–92 March Current Population Surveys
(CPS), he found that increasing Medicaid
income limits lowered the probability that a
woman with dependent children received
welfare and increased the probability that
she participated in the labor force.  Given
that his analysis is based on variation in
Medicaid eligibility separate from variation
in AFDC eligibility, his results have been
considered much more convincing than
those of earlier researchers.

However, in recent work using data from
the Survey of Income and Program Partici-
pation (SIPP), we found no evidence that
higher Medicaid income limits increased
the transition rate out of welfare, nor did
we find that they reduced the transition

rate into welfare (Ham and Shore-Sheppard
2001).  To address the possibility that our
results reflected a lack of power in the data
to estimate a multiple state duration model,
we then examined the static relationship
between Medicaid income limits and wel-
fare participation in the SIPP analogous to
that examined by Yelowitz.  Again we did
not find a statistically significant effect of
increasing the Medicaid income limits on
welfare participation.

To understand why the SIPP and the CPS
produce different results, in this paper we
re-examine the evidence from the CPS
found in Yelowitz (1995).  Our contribu-
tion is three-fold.  First, we examine the
restriction imposed by Yelowitz’s specifica-
tion that the Medicaid income limits and
AFDC income limits have effects that are
equal in magnitude but opposite in sign.
We show that this constraint on the param-
eters is not predicted by theory, since, for
example, it implies that AFDC benefits had
no effect on AFDC participation prior to
the Medicaid expansions.  We then test this
restriction empirically using the CPS data.
Second, we note that Yelowitz incorrectly
calculated the AFDC income limits in his
analysis.  To be eligible for AFDC, families
must pass two income tests—a “net test”
that income less disregards be below a limit
set by the state, and a “gross test” that
income be below another state-set limit.  In
his analysis, Yelowitz ignored the gross test,
despite the fact that it is binding for some
families, particularly those with multiple
children.  We calculate the AFDC income
limits using both statutory tests.  Finally, we
extend the data set to the period 1988–96
to capture additional expansions in Medic-
aid eligibility.

Expansions in Medicaid Eligibility

Historically, eligibility for Medicaid
among low-income single-parent families
was restricted to those whose incomes were
low enough to qualify for AFDC.  AFDC
eligibility required that the family’s income
and resources be less than state-established
income limits, most of which were well
below the federal poverty line.  This meant
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that few working mothers were able to
qualify for AFDC and Medicaid.  It also
meant that if a woman were to leave wel-
fare, she and her children would lose
their Medicaid coverage.  Starting in the
mid-1980s, a series of federal laws un-
coupled Medicaid eligibility from AFDC
eligibility, expanding the population eli-
gible for Medicaid to include poor preg-
nant women and children ineligible for
AFDC.  Under the expansions, Medicaid
eligibility determination for children dif-
fered from AFDC eligibility determina-
tion in three fundamental ways:  the child
eligibility limits were linked to the fed-
eral poverty line rather than to the AFDC
limits, there were no family structure re-
quirements, and eligibility was deter-
mined at the individual, rather than fam-
ily, level.

In the Omnibus Budget Reconciliation
Acts (OBRAs) of 1986 and 1987, states were
given the authority to raise the income
thresholds for Medicaid coverage of in-
fants, young children, and pregnant
women above the AFDC level.  In addi-
tion, OBRA 1987 required states to cover
all children born after September 30,
1983, who met AFDC income standards,
regardless of their family composition.
The most far-reaching expansions took
place as a result of OBRA 1989 and OBRA
1990.  OBRA 1989 required coverage of
pregnant women and children up to age
6 with family incomes below 133% of the
federal poverty level, and OBRA 1990
required states to cover children born
after September 30, 1983, with family
incomes below 100% of the federal pov-
erty level.  States were permitted to ex-
pand coverage further, within federal
guidelines for age and family income.1

The form of the expansions thus pro-
vides useful variation in eligibility along
several dimensions:  across states because
of variation in AFDC eligibility and state-
optional expansions, over time because

the expansions were phased in, by child
age because younger children became
eligible sooner or at a higher income level,
and by family income.  Following Yelowitz,
we exploit this variation in our analysis.

Previous Literature

The question of whether Medicaid pro-
vides an additional incentive for a woman
to remain on welfare rather than partici-
pate in the labor force has been studied by
several previous researchers.  Because Med-
icaid was formerly obtained solely through
participation in welfare, studies prior to
the expansions confront the question of
how to identify the marginal impact of
Medicaid on labor supply.  To address this
problem, Blank (1989) and Winkler (1991)
calculated a state-specific value of Medic-
aid and included it in individual AFDC
participation, labor force participation, and
hours worked equations.  They found gen-
erally small and usually statistically insig-
nificant effects of the value of Medicaid.

Moffitt and Wolfe (1992) developed a
family-specific proxy for the value of Med-
icaid and included it in cross-sectional
probit equations of AFDC participation and
employment.  They found that more valu-
able Medicaid benefits led to higher rates
of AFDC participation and lower rates of
labor force participation.  However, the
value of Medicaid proxy used in their study
may have been capturing other unobserved
differences between families that affect la-
bor force and welfare participation, such as
tastes or the wage available to the mother.
In fact, when they allowed the effect of
Medicaid to differ for families with low and
high values of Medicaid, they found that
only families with high expected medical
expenditures altered their AFDC participa-
tion or employment decisions in response
to Medicaid availability.  Consequently,
these results may not indicate what the
effect of de-linking Medicaid and AFDC for
the welfare population as a whole would be.

Yelowitz (1995) was the first to take ad-
vantage of the separation between AFDC
and Medicaid eligibility induced by the
Medicaid expansions.  Using four years of

1See Shore-Sheppard (2003) for a more detailed
discussion of the expansions.
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March CPS data, from 1989 to 1992, he
estimated whether the probabilities that a
single mother is in the labor force or is on
welfare were affected by the Medicaid ex-
pansions.  Since the Medicaid expansions
primarily covered children, rather than the
mothers themselves (an exception being
for mothers who are pregnant), he used
the Medicaid income limits facing the
mother’s youngest child to capture the ex-
tent to which the expansions affected a
particular woman.  He expressed both the
Medicaid income limits for the mother’s
youngest child and the AFDC income limits
as a percentage of the federal poverty line
to obtain the variables MEDICAID% and
AFDC%, respectively.  MEDICAID% was set
equal to zero for periods when one could
only obtain Medicaid through AFDC or if
no child in the family was age-eligible for
Medicaid given the expansions.2  Yelowitz
then parameterized the expansions as

(1) GAIN% = max(MEDICAID% – AFDC%, 0).

MEDICAID% depends on the age of the child,
the state of residence, and the year.  Non-
zero levels of MEDICAID% typically range
from 75% to 185% of the poverty line.
AFDC%, which is the maximum income a
family could earn and still receive AFDC
benefits, depends on family size, family age
structure, state of residence, and year.  Lev-
els of AFDC% are typically well below 100%
of the poverty line, although because of
work expense and child care deductions it
is possible for AFDC% to exceed 100% in
particularly generous states.

To gain better intuition about this speci-
fication, define a variable MED* to be equal
to the income limit applying to Medicaid
eligibility divided by the poverty line.  MED*
equals AFDC% before the expansions or if
no child in the family is age-eligible for
Medicaid.  If any child in the family is age-
eligible for Medicaid, it equals the Medic-
aid expansion income limit applying to the

youngest child divided by the poverty line.
Thus GAIN% can also be written as

(2) GAIN% = MED* – AFDC%.

From this specification, it can be seen that
GAIN% increases not only when the Medic-
aid eligibility limits increase, but also when
AFDC income limits decline, and thus it
captures the effect of AFDC as well as of
Medicaid.

Yelowitz estimated probit models of la-
bor force participation and welfare partici-
pation including GAIN%, the number of
children in the family under six years old,
and characteristics of the mother includ-
ing age, marital status (divorced, separated,
or never married), race, education, and
central city residence.  He also included
dummy variables for state, year, family size,
age of the youngest child, and an interac-
tion between age of the youngest child and
year.  These dummies are intended to cap-
ture other factors in states or changes over
time that could affect welfare and labor
force participation.  He also estimated
models including interactions between state
and year and between youngest child’s age
and state to reduce the possibility that un-
observed factors are the source of any mea-
sured effect of GAIN%.

These models showed a statistically sig-
nificant coefficient on GAIN% for both la-
bor force and welfare participation in virtu-
ally all specifications, suggesting that ex-
panding Medicaid reduced the probability
of welfare participation by 1.2 percentage
points and increased the probability a
woman was in the labor force by 0.9 per-
centage points.  However, from the specifi-
cation of GAIN% in (2), it can be seen that
Yelowitz was making two implicit assump-
tions.  First, before the expansions or if no
child was age-eligible in the family, he im-
plicitly assumed that AFDC% did not affect
the probability that a woman was on wel-
fare.  Second, if a child was age-eligible,
he implicitly assumed that increasing
AFDC%, holding GAIN% constant, did not
affect the probability that a woman was
on welfare.  We examine these restric-
tions from both theoretical and empiri-
cal perspectives below.

2By age-eligible we mean that the child would be
eligible for Medicaid given his or her age if the
family’s income was below the Medicaid income limit
for that age.
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Theoretical Predictions
and Basic Econometric Model

To derive predictions about welfare and
labor force participation behavior when
Medicaid can be received separately from
welfare, we consider the optimization prob-
lem of an individual with dependent chil-
dren who (i) can collect welfare and re-
ceive Medicaid, (ii) can work with earnings
up to the Medicaid limit and still receive
Medicaid, and (iii) can work with earnings
above the Medicaid limit and not receive
Medicaid.  To simplify the discussion at this
stage, we ignore three institutional features:
a fixed amount plus a certain level of child
care expenses (the disregard) can be de-
ducted from income before welfare ben-
efits are reduced; the mother will lose her
Medicaid coverage when she leaves AFDC,
as may some of her children; and earned
income must be no higher than 1.85 times
the state-set “need standard” (the gross
test).  We also assume that the individual
has been earning income while on welfare
for at least four months, so that any earn-
ings (above the disregard) are effectively
taxed at 100%.  Finally, we assume that
there are no fixed costs of participation.
We discuss relaxing each of these assump-
tions below; unless otherwise noted, relax-
ing these assumptions does not affect our
theoretical predictions.  We focus on AFDC
participation in what follows, but the re-
sults are easily extended to labor force par-
ticipation.

If the consumer does not work in the
labor market, she receives income Yw and
Medicaid services worth αM.  M represents
the dollar value of Medicaid, while α is a
parameter indicating the value the indi-
vidual places on the insurance (0 ≤ α ≤ 1).
If α = 1, Medicaid is worth the same to the
individual as it costs to provide, while if α =
0, the individual places no value on having
Medicaid.  For simplicity, in the following
discussion we assume α = 1.  (We might
expect α to be less than 1 since families can
obtain emergency treatment for their chil-
dren in the absence of Medicaid coverage.)
Figure 1 shows the relevant budget con-
straint.  For clarity in the Figure, M (the

distance C – B) is shown to be larger relative
to Yw (the distance B – A) than it would be
for a typical family, even assuming α = 1.
Since we assume for now that the woman is
subject to a 100% tax rate, Yw equals both
the benefit level and the break-even level.
Prior to the Medicaid expansions, the fam-
ily loses its Medicaid once it leaves welfare,
and the overall budget constraint is ACDEH.
After the Medicaid expansions, the family
can keep its Medicaid benefits as long as its
earnings are below Ym.  The effective bud-
get constraint is ACDFGH.  Figure 1 shows
the indifference curves for an individual
who would not work in the absence of the
Medicaid expansions (with an equilibrium
at C), but does work (with an equilibrium at
J) after the expansions.3

Since the budget constraint is not differ-
entiable, and because the opportunity set is
not compact, we use graphical analysis to
calculate the comparative static results for
this individual.  In the interest of space, we
do not show all of the graphs here, and
instead describe the results briefly (see Ham
and Shore-Sheppard 2003 for the full
graphical analysis).  Raising welfare ben-
efits increases the amount of income an
individual has while working few or no
hours.  Consequently, an increase in wel-
fare benefits may induce some individuals
to become recipients, but it will never in-
duce a recipient to leave welfare.  Con-
versely, increasing the Medicaid income
limit increases the resources available to an
individual while working.  This increase
will not induce a non-recipient to enter
welfare, but it may induce some individuals
to leave welfare.  Thus we expect that the
probability of being on welfare will be posi-
tively related to the level of welfare ben-
efits, and negatively related to the Medic-
aid income limit.

Under our assumptions, raising the wage
will induce some women to leave welfare
but will not induce anyone to enter welfare.
However, this unambiguous prediction of
the wage effect is affected by our simplifica-
tions.  If we were to assume that an indi-
vidual had not been earning income while

3See Yelowitz (1995), Figures I and II.
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on welfare and thus the effective tax rate on
earnings while on welfare was less than
100%, the effect of a change in the wage on
welfare participation would be ambiguous.

On the basis of this analysis, we expect
the probability an individual is on welfare
to depend positively on the level of welfare
benefits as a percentage of the poverty line
ywi, negatively on the Medicaid income limit
as a percentage of the poverty line ymi, and
negatively on the level of the wage wi, as
well as on demographic and demand vari-
ables Xi.

4  Thus we have

(3) I i
* = γ0 + γ1ymi + γ2ywi + γ3wi + γ4Xi + ei.

Since the wage is unobserved, we assume
that it depends on variables Zi:

(4) wi = βZi + ui.

We assume that Zi does not contain the
Medicaid income limit Ymi or the level of
welfare benefits Ywi.  When we substitute
(4) into (3) and let X i

*  denote the unique
elements of Zi and Xi, the index function
determining welfare participation becomes5

(5) I i
*  = µ0 + γ1ymi + γ2ywi + µX i

* + εi.
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Original budget constraint: ACDEH

New budget constraint: ACDFGH

J

Figure 1.  Medicaid Expansions Induce an Individual to Leave Welfare.

Ym

Yw

Welfare grant = B-A

Value of Medicaid (M) = C-B

U0

Gain = Ym - Yw 

U1

Slope = -w

4Uppercase values of Y represent dollar amounts
while lowercase values of y represent dollar amounts
divided by the federal poverty line.  One can interpret
dividing by the poverty line as deflating by a price
index for low-income families.

5An individual participates in welfare if I i
* > 0.  For

a more structural approach to the issue of participat-
ing in income maintenance programs, see Ashenfelter
(1983).
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This equation, which is the basis for our
empirical estimates, shows that welfare par-
ticipation is a function of the Medicaid
income limit and the level of welfare ben-
efits, both expressed as a fraction of the
poverty line, and demographic and demand
variables, some of which determine the
wage.

Yelowitz estimated a restricted version of
(5) that constrained ymi and ywi to have
coefficients that were equal in absolute value
but opposite in sign, that is, γ1 = –γ2.  This
constraint has two implications.  First, if the
youngest child is age-eligible for Medicaid,
welfare benefits do not affect the probabil-
ity of being on welfare, conditional on the
value of GAIN% (ymi – ywi) staying constant.
Second, if no child is age-eligible, then
increasing welfare benefits will not induce
anyone to enter welfare.  We now investi-
gate whether these implications are consis-
tent with our theoretical model.

As the counterexample in Figure 2 shows,
the first restriction is not, in general, im-
plied by the theoretical model.  Here we
show that an equal increase in Ymi and Ywi
(thus keeping GAIN% constant) affects be-
havior and thus the Yelowitz restriction
does not hold.  In this example the indi-
vidual originally has a tangency at J on the
segment DF of the budget constraint, where
the overall budget constraint is ACDFGH.
When the levels of Ymi and Ywi are increased
by the same amount, the budget constraint
becomes AKD'F'G'H.  For a sufficiently high
increase in Ymi and Ywi, the individual moves
to point K where she does not work.  The
intuition is straightforward:  since the indi-
vidual originally has a tangency on the seg-
ment DF, increasing the Medicaid limit does
not benefit her.  On the other hand, a
sufficient increase in Ywi, such as that shown
in the figure, allows her to reach a higher
indifference curve by entering welfare.

It is straightforward to show that the
second implication does not hold either.  If
no child is age-eligible for Medicaid, we
have the textbook AFDC case.  It is well
known that increasing AFDC benefits in
this case will encourage some individuals to
enter welfare, but will not encourage any-
one to leave welfare.  Thus both of the

implications of Yelowitz’s restriction are
inconsistent with the theoretical predic-
tions of a standard model of labor supply
and program participation.

Allowing for Important
Institutional Features

The actual budget constraint is some-
what more complicated than this stylized
model indicates.6  First, individuals face
fixed costs of labor force participation in
the form of work and day care expenses.
Second, they are allowed to deduct a disre-
gard equal to a constant dollar amount, A,
plus actual day care expenses D (up to a
per-child limit), before their earnings are
taxed at 100%.  In this case maximum fea-
sible earnings become Y *

wi = Ywi + A + D, and
we use this variable (divided by the poverty
line) in our index function (5) instead of
ywi.

Third, as noted above, the mother will
lose her Medicaid coverage when she leaves
AFDC (as may some of her children).  In
terms of Figure 1, this will cause the line
segment DF to shift down by the amount
that the mother values the portion of Med-
icaid coverage only available through AFDC.
This shift creates a notch at D.

Fourth, in the first four months of earn-
ings while on welfare, participants are per-
mitted to disregard an additional fraction k
of earnings before the tax rate is applied.
Countable income (the income subtracted
from the state’s “payment standard” to de-
termine the benefit) in the first four months
is thus (1 – k) times an individual’s earnings
less other disregards, and the maximum
feasible income becomes Y wi

**, which equals
Ywi/(1 – k) + A + D before October 1989 and
(Ywi + A + D)/(1 – k) after October 1989.7  If
we assume, as did Yelowitz, that the first

6It is straightforward to show that none of these
modifications affect the theoretical predictions dis-
cussed above.

7The Family Support Act of 1988 changed the
calculation of benefits so that the income not subject
to the “tax” is calculated before applying the disre-
gards, increasing the possible benefit level.
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four months’ maximum feasible earnings is
the relevant amount, then we would use Y wi

**

(divided by the poverty line) in the index
function (5).

Finally, there is also a gross test, which
requires that maximum feasible earnings
not exceed 1.85 times the state-determined
“need standard” (NS).  Again assuming
that the maximum feasible earnings for the
first four months of working while on wel-
fare is the relevant amount, we use Y wi

*** =
minimum(1.85NS, Y wi

**), divided by the
poverty line, in (5).  This is the variable
AFDC%.  Yelowitz ignored the gross test
in calculating maximum feasible income
and simply used Y wi

**  divided by the pov-
erty line in calculating GAIN%, which is
inappropriate.

Data

Following the previous literature, we use
several years of the March Current Popula-
tion Survey—from 1988 to 1996—to exam-
ine the effect of the expansions.  The March
CPS surveys many households, providing
the largest available data set of single moth-
ers containing information on welfare and
labor force participation, demographics,
and family structure.  To ensure compara-
bility between our results and those of
Yelowitz, we use the same sample selection
criteria he did—single mothers between
the ages of 18 and 55 with at least one child
under 15 present, not receiving Medicare
or military health insurance, not reporting
a handicap or ill health, and not a veteran.
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New budget constraint: AKD'F'G'H

Figure 2. Increasing Benefits, Holding Gain Constant, Induce the Individual to Enter Welfare.
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This results in a sample of 16,022 single
mothers for the years 1989 to 1992 (the
years used by Yelowitz) and 36,628 single
mothers for the entire 1988 to 1996 sample.8

Again following Yelowitz, we use the
youngest child’s year of birth calculated
from the reported age as of March of the
survey year and assume that January is the
birth month.  We then impute the Medic-
aid expansion income threshold applying

to this child as of December of the year
preceding the survey year.9  Dividing the
imputed Medicaid income threshold for
the mother’s youngest child by the poverty
line gives the variable MEDICAID%.  Using
state AFDC need and payment standards,
we impute AFDC break-even levels for the
year preceding the survey under Yelowitz’s
assumption that the family takes the full
childcare disregard for all children under
18.  We again follow Yelowitz in assuming
that individuals make their decisions about

Table 1.  Sample Statistics.

(1) (2) (3) (4) (5) (6)
1989–92 CPS 1988–96 CPS

Fraction Mean if Fraction Mean if
Description Means a Nonzero Nonzero Means Nonzero Nonzero

AFDC and Medicaid Measures (all as % of the poverty line):

GAIN%, No Gross Test 4.74 0.19 24.54 13.05 0.39 33.35
GAIN% with Gross Test 11.42 0.32 35.40 21.81 0.49 44.34
AFDC%, No Gross Test 126.79 1 126.79 121.98 1 121.98
AFDC%, with Gross Test 105.31 1 105.31 103.13 1 103.13
MEDICAID% (expansion eligibility limit) 57.12 0.45 125.74 81.63 0.60 135.06
MED* (Medicaid eligibility limit) 116.73 1 116.73 124.94 1 124.94

Dependent Variables: 1989–92 CPS 1988–96 CPS

Labor Force Participation 0.69 0.69
AFDC Participation 0.33 0.33

Demographics:

Family Size 3.01 3.01
No. Kids < Age 6 0.71 0.71
Mother’s Age 31.57 31.74
Divorced 0.40 0.39
Separated 0.20 0.20
Black 0.36 0.35
Central City 0.37 0.37
Education 12.16 12.18

Observations 16,022 36,628
aAll means are weighted using March supplement weights.
Source:  The sample is composed of single mothers ages 18–55 with a child under 15 from the 1989–92 or 1988–

96 March Current Population Surveys.

8Throughout the paper, years refer to the year in
which the survey was conducted.  Our sample size is
slightly (40 observations) smaller than Yelowitz’s be-
cause we lack information on state AFDC standards
for families with more than nine members.  We elimi-
nate these families from our sample rather than as-
sign them a value of GAIN% equal to 0, as Yelowitz did.
Since we treat family size as exogenous, we do not
create selection bias by deleting these families.

9We tried alternative birth month assumptions,
including random assignment of birth month, and
found little to no effect on estimated Medicaid eligi-
bility levels or our results.  Similarly, using the Med-
icaid income threshold as of July of the year preced-
ing the survey did not affect our results.
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welfare based on the first four months of
earnings on welfare, which implies that the
variable Y wi

*** is the relevant one.10  This
variable is divided by the poverty line as
well, yielding AFDC%.  MED* equals AFDC%
if the Medicaid expansions are not in effect
or the child is not age-eligible; otherwise it
equals MEDICAID%.  The variable GAIN%
used by Yelowitz is thus GAIN% = MED* –
AFDC%.

We estimate models for the two depen-
dent variables used by Yelowitz:  an indica-
tor variable that takes the value of 1 if the
individual reported working for at least
one week during the reference year (the
year preceding the March survey) and 0
otherwise, and another indicator variable
that takes the value 1 if the individual re-
ported receiving AFDC at any point during
the reference year and 0 otherwise.11  We
have experimented with requiring longer
work periods to constitute labor force par-
ticipation, and though the coefficients on
both MED* and AFDC% are reduced in
absolute value in the labor force participa-
tion equation, the general pattern of re-
sults remains the same.12  We report the
results from the measures used by Yelowitz
for greater comparability between the two
studies.

Sample statistics broken down by time
period, that is, 1989–92 and 1988–96, are
presented in Table 1.13  In the 1989–92
sample the mean of GAIN% is only 4.74% of

the poverty line when the gross test is not
used.  It is very small because so many
observations are zero, which occurs when
the AFDC income limit is equal to or greater
than the Medicaid expansion income limit
MEDICAID%.  This is relatively common when
the gross test is not used.  In fact, the mean
value of the AFDC income limit exceeds
the poverty line, even though no state has a
need standard as high as the poverty line.
This is due to the assumption of the full
childcare disregard.  Using the gross test
reduces the mean value of the AFDC limit
to 105.31% of the poverty line.

The results for the whole 1988–96 sample
are broadly similar.  Since there are later
years of data in the whole sample, the ex-
pansions have been more fully phased in,
raising the mean Medicaid expansion in-
come limit to 82% of the poverty line from
57%.  (It is 135% instead of 126% when
only mothers whose youngest children are
age-eligible for Medicaid are included.)
The AFDC limits are lower in the whole
sample than in the 1989–92 sample, sug-
gesting a trend toward reduced AFDC ben-
efits relative to the poverty line.  The fact
that AFDC limits (relative to the poverty
line) may fall while the Medicaid income
limit rises shows the importance of allow-
ing AFDC and Medicaid to have separate
effects, since using GAIN% alone will at-
tribute the effect of any decreases in AFDC
generosity on welfare participation to the
Medicaid expansions.

Replication and Re-Analysis

The results from our replication of
Yelowitz’s work using the same years of data
and the same specifications are presented
in Table 2.  The first and third columns of
the table show Yelowitz’s original results,
while the second and fourth columns con-
tain our attempt to replicate them.  We are
unable to replicate the results exactly, but
our results are quite close to his.14  These

10We also considered various alternative assump-
tions for the childcare disregard, and the possibility
that the AFDC income limits should be based on
those for months 5 and following of working while on
welfare.  None of these changes affected the esti-
mated effect of the Medicaid expansions.

11Fewer than 1% of the respondents in our sample
had imputed data for AFDC participation (and even
fewer had imputed data for labor force participa-
tion).  Nevertheless, we re-ran all of our models
omitting individuals whose AFDC or labor force par-
ticipation status had been imputed.  The results did
not change substantially.

12These results and the results from our other
robustness checks are available upon request.

13In this table, the Medicaid and AFDC variables
are in percentage terms, but in the estimates that
follow, these variables are scaled to be fractions.

14At least part of the explanation for the inexact
replication is that, as noted earlier, our treatment of
families with more than nine members differs.
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results indicate that the variable GAIN%,
which is the difference between the Medic-
aid and AFDC income limits (MED* and
AFDC%, respectively), has a positive and
statistically significant effect on labor force
participation and a negative and statisti-
cally significant effect on AFDC participa-
tion.  In addition, the control variables
enter generally as would be expected.

In Table 3 we show the results from
models using alternative specifications of
Medicaid and AFDC.15  For ease of compari-

son we include Yelowitz’s original results
and our replication in the first two col-
umns.  In the third column we show the
effect of including the gross test in the
calculation of the AFDC maximum income
level.  The magnitude of the estimated
effect of GAIN% is reduced substantially for
both labor force and AFDC participation,
and the effect is no longer statistically sig-

Table 2.  Replication of Probit Models of Labor Force and
AFDC Participation, 1989–92 March Current Population Surveys.a

(1) (2) (3) (4)
Labor Force Participation b AFDC Participation

Yelowitz Yelowitz
Variable Table IV, Col. (1) Replication Table IV, Col. (3) Replication

GAIN%C 0.384 0.393 –0.519 –0.564
(0.151) (0.121) (0.154) (0.124)

[0.131] [–0.192]

No. Kids < Age 6 –0.138 –0.148 0.180 0.193
(0.029) (0.029) (0.029) (0.030)

Mother’s Age 0.060 0.062 –0.001 –0.004
(0.012) (0.012) (0.012) (0.012)

Age2/100 –0.084 –0.085 –0.026 –0.021
(0.018) (0.019) (0.018) (0.017)

Divorced 0.386 0.371 –0.353 –0.352
(0.031) (0.031) (0.031) (0.031)

Separated 0.174 0.164 –0.236 –0.228
(0.032) (0.032) (0.032) (0.033)

Black –0.071 –0.071 0.217 0.214
(0.030) (0.030) (0.030) (0.030)

Central City –0.227 –0.216 0.189 0.190
(0.027) (0.027) (0.027) (0.027)

Education –0.048 –0.048 0.134 0.135
(0.022) (0.022) (0.022) (0.022)

Education2 0.009 0.009 –0.012 –0.012
(0.001) (0.001) (0.001) (0.001)

Observations 16,062 16,022 16,062 16,022
aStandard errors in parentheses; marginal effects at the means in brackets.
bRegressions also include dummies for state, year, family size, age of the youngest child, and age of the

youngest child interacted with year.
cGAIN% is measured as a fraction in this table and all following tables.
Source:  The sample is composed of single mothers ages 18–55 with a child under 15 from the 1989–92 March

Current Population Surveys.

15For each coefficient we show the relevant mar-
ginal effect in [ ].  As the coefficients on the demo-

graphic variables are essentially unchanged by any of
the modifications to the specification, we omit their
coefficients from all following tables.  Full results are
available upon request.
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nificant in either case.  Including the gross
test reduces the imputed AFDC maximum
income level because the gross test is bind-
ing when income after disregards is rela-
tively high.  This tends to occur when there
are many children in the family, since the

childcare disregard is the primary reason
that income after disregards may be high.
The fact that including the gross test in
the AFDC calculation reduces the magni-
tude of the effect of GAIN% suggests that
AFDC income levels are indeed playing

Table 3.  Alternative Specifications of Medicaid and AFDC in Probit Models of
Labor Force and AFDC Participation, 1989–92 March Current Population Surveys.a

Panel A:  Models of Labor Force Participationb

(1) (2) (3) (4) (5)
Allow Different Different

Yelowitz With Effects for Effects
Table Gross AFDC and with

Variable IV, Col. (1) Replication Test Medicaid Gross Test

GAIN% 0.384 0.393 0.105
(0.151) (0.121) (0.088)

[0.131] [0.035]

MED*c 0.204 0.058
(0.123) (0.091)
[0.068] [0.019]

AFDC% –1.329 –0.322
(0.160) (0.132)

[–0.443] [–0.107]

χ2 Testd 81.97 4.87
(p-value) (0.000) (0.027)

Panel B:  Models of AFDC Participation

(1) (2) (3) (4) (5)
Allow Different Different

Yelowitz With Effects for Effects
Table IV, Gross AFDC and with

Variable Col. (3) Replication Test Medicaid Gross Test

GAIN% –0.519 –0.564 –0.117
(0.154) (0.124) (0.089)

[–0.192] [–0.040]

MED* –0.347 –0.046
(0.127) (0.092)

[–0.118] [–0.016]

AFDC% 1.627 0.446
(0.163) (0.133)
[0.552] [0.152]

χ2 Test 105.83 11.20
(p-value) (0.000) (0.001)

aStandard errors in parentheses except where noted; marginal effects at the means in brackets.
bRegressions include all variables listed in Table 2.
cMED* and AFDC% are measured as fractions in this table and all following tables.
dThe χ2 test is of the hypothesis that the coefficients on MED* and AFDC% have equal and opposite signs, the

restriction implicit in the use of GAIN%.
Source:  Sample composed of single mothers ages 18–55 with a child under 15 from the 1989–92 March

Current Population Surveys.
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an important role in determining the ef-
fect of GAIN%.

We consider this hypothesis directly in
columns (4) and (5) by allowing AFDC
maximum income levels and Medicaid
maximum income levels (AFDC% and
MED*, respectively) to have separate effects.
We then test the restriction implied by the
use of GAIN% that the effects are equal and
of opposite sign.  For comparison, column
(4) shows the results without including the
gross test, while column (5) gives the (more
appropriate) results with the gross test in-
cluded.  For both labor force participation
and AFDC participation the estimated ef-
fect of AFDC is substantially larger in abso-
lute value than the estimated Medicaid ef-
fect, and we easily reject the null hypothesis
that the coefficients are equal in absolute
value with opposite signs.  While the esti-
mated Medicaid effect is marginally statisti-
cally significant when the gross test is not
included, it becomes much smaller and
statistically insignificant when the gross test
is included.  The AFDC effect also becomes
smaller when we impose the gross test, al-
though it remains statistically significant.
The marginal effects, which are calculated
as the derivative of the normal cumulative
density evaluated at the means of the data,
are –0.11 for labor force participation and
0.15 for AFDC participation.  The magni-
tude of these effects indicates that a one
percentage-point increase in the AFDC in-
come limit as a percentage of the poverty
line yields a decrease of 0.0011 in the prob-
ability of labor force participation at mean
values.  This increase in the AFDC income
limit would also cause a 0.0015 increase in
the probability of AFDC participation at
the mean values.  For comparison, the pre-
dicted probability of labor force participa-
tion evaluated at the mean values of the
explanatory variables is 0.73, and the pre-
dicted probability of AFDC participation at
the means is 0.28.

Yelowitz found that including state-year
interactions to control for the possibility of
state-specific trends increased the absolute
value of the coefficient on GAIN% in both
the labor force and AFDC participation
equations.  We consider this modification

in Table 4.  Comparing column (2) in this
table with column (5) of Table 3, we see
that when we include these interactions in
the more appropriate specification that al-
lows the Medicaid and AFDC income limits
(incorporating the gross test) to have sepa-
rate effects, the Medicaid coefficients con-
tinue to be insignificantly different from 0.
We easily reject the null hypothesis that the
Medicaid and AFDC coefficients are equal
in magnitude but opposite in sign.

The rest of Table 4 shows the results
obtained when the sample of single moth-
ers is split into women who were ever mar-
ried and women who were never married.
When GAIN% is used, only ever married
women show statistically significant effects,
which Yelowitz attributed to a greater re-
sponsiveness to Medicaid expansions
among ever married women.  However,
when AFDC and Medicaid are allowed to
have separate effects and the gross test is
used, we find no evidence of responsive-
ness to Medicaid for either group.  The
Medicaid coefficients are close to 0 for
both groups in the AFDC participation equa-
tion and are again statistically insignificant.
The only sign of a possible Medicaid effect
in the predicted direction is in the labor
force participation equation for ever mar-
ried women (column 4, top panel), but the
effect is so imprecisely estimated that it is
not statistically distinguishable from 0.  The
importance of the AFDC income limits seen
in the whole sample is confirmed for both
groups of women (columns 4 and 6, both
panels).

Extensions

Having estimated unconstrained versions
of Yelowitz’s model on all of the subsamples
he used in his paper, we find little evidence
of an effect of the Medicaid expansions on
either work or welfare participation.  How-
ever, it is possible that an effect of the
expansions exists, but that our efforts to
estimate it are hampered by statistical im-
precision.  Consequently, we estimate our
models using more years of the March CPS,
from 1988 to 1996.  In addition to adding
more data, these additional years have the
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advantage that by the end of the period the
expansions were fully implemented.  This
is particularly important in the case of OBRA
1990, which was one of the broadest expan-

sions and which was only in effect for the
last half of the last year of Yelowitz’s sample.

Results from a model using Yelowitz’s
version of GAIN% that does not incorporate

Table 4.  Alternative Samples and Specifications of Medicaid and AFDC in
Probit Models with State-Year Interactions, 1989–92 March Current Population Surveys.a

Panel A:  Models of Labor Force Participationb

(1) (2) (3) (4) (5) (6)
Sample: All Women Ever Married Women Never Married Women

Yelowitz Different Yelowitz Different Yelowitz Different
Table IV, Effects with Table VI, Effects with Table VI, Effects with

Variable Col. (2) Gross Test Col. (1) Gross Test Col. (2) Gross Test

GAIN% 0.473 1.020 –0.024
(0.168) (0.248) (0.257)

MED* –0.017 0.186 –0.185
(0.101) (0.155) (0.146)

[–0.006] [0.051] [–0.072]

AFDC% –0.723 –0.752 –0.736
(0.169) (0.232) (0.269)

[–0.240] [–0.205] [–0.287]

χ2 Test 1c 21.02 7.09 12.05
(p-value) (0.000) (0.008) (0.001)

χ2 Test 2d 148.94 324.20 336.20
(p-value) (0.509) (0.000) (0.000)

Panel B:  Models of AFDC Participation

(1) (2) (3) (4) (5) (6)
Sample: All Women Ever Married Women Never Married Women

Yelowitz Different Yelowitz Different Yelowitz Different
Table IV, Effects with Table VI, Effects with Table VI, Effects with
Col. (4) Gross Test Col. (3) Gross Test Col. (4) Gross Test

GAIN% –0.649 –0.995 –0.354
(0.171) (0.254) (0.259)

MED* –0.022 –0.015 –0.026
(0.102) (0.155) (0.147)

[–0.007] [–0.004] [–0.010]

AFDC% 0.875 0.900 0.901
(0.171) (0.235) (0.272)
[0.296] [0.250] [0.355]

χ2 Test 1 27.56 16.92 10.62
(p-value) (0.000) (0.000) (0.001)

χ2 Test 2 173.27 225.15 228.87
(p-value) (0.0938) (0.000) (0.000)

aStandard errors in parentheses except where noted; marginal effects at the means in brackets.
bRegressions include all variables listed in Table 2, plus state-year interactions.
cThe first χ2 test is of the hypothesis that the coefficients on MED* and AFDC % have equal and opposite signs,

the restriction implicit in the use of GAIN%.
dThe second χ2 test is of the hypothesis that the state-year interactions are jointly equal to zero.
Source:  The sample is composed of single mothers ages 18–55 with a child under 15 from the 1989–92 March

Current Population Surveys.
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the gross test and the unrestricted specifi-
cation that incorporates the gross test (in-
cluding MED* and AFDC% separately) for
1998–96 are presented in Table 5.  Col-
umns (1) and (2) show the results for all
women when state-year interactions are not
used.  Columns (3)–(8) present the results
when state-year dummies are included for
all women, ever married women, and never
married women, respectively.  The top panel

shows the results for labor force participa-
tion models, while the bottom panel shows
the results for AFDC participation mod-
els.16  In all cases we continue to reject the

Table 5.  Probit Models Using the Full 1988–1996 CPS Sample:
Alternative Samples and Specifications of Medicaid and AFDC.a

(1) (2) (3) (4) (5) (6) (7) (8)
Sample: All Women All Women Ever Married Never Married

GAIN% Different GAIN% Different GAIN% Different GAIN% Different
w/o Effects with w/o Effects with w/o Effects with w/o Effects with

Variable Gross Test Gross Test Gross Test Gross Test Gross Test Gross Test Gross Test Gross Test

Panel A:  Models of Labor Force Participationb

GAIN% 0.203 0.402 0.551 0.276
(0.048) (0.064) (0.098) (0.090)
[0.069] [0.135] [0.153] [0.108]

MED* –0.009 0.028 0.131 –0.060
(0.040) (0.058) (0.087) (0.084)

[–0.003] [0.009] [0.036] [–0.024]

AFDC% –0.399 –0.681 –0.777 –0.606
(0.070) (0.104) (0.143) (0.162)

[–0.134] [–0.228] [–0.216] [–0.236]

χ2 Test 1c 33.82 38.86 21.24 15.86
(p-value) (0.000) (0.000) (0.000) (0.000)

State∗Year? No No Yes Yes Yes Yes Yes Yes

χ2 Test 1d 464.65 450.79 559.75 601.39 731.80 684.38
(p-value) (0.014) (0.040) (0.000) (0.000) (0.000) (0.000)

Panel B:  Models of AFDC Participation

GAIN% –0.194 –0.370 –0.547 –0.244
(0.048) (0.064) (0.099) (0.090)

[–0.067] [–0.126] [–0.154] [–0.096]

MED* 0.046 0.030 –0.006 0.072
(0.040) (0.058) (0.087) (0.084)
[0.016] [0.010] [–0.002] [0.028]

AFDC% 0.512 0.841 0.939 0.854
(0.070) (0.105) (0.146) (0.162)
[0.175] [0.286] [0.264] [0.336]

χ2 Test 1 64.34 68.49 43.36 30.54
(p-value) (0.000) (0.000) (0.000) (0.000)

State∗Year? No No Yes Yes Yes Yes Yes Yes

χ2 Test 2 483.40 472.83 506.64 485.05 562.81 573.92
(p-value) 0.002 0.006 0.000 0.002 0.000 0.000

aStandard errors in parentheses except where noted; marginal effects at the means in brackets.
bRegressions include all variables listed in Table 2.
cThe first χ2 test is of the hypothesis that the coefficients on MED* and AFDC% have equal and opposite signs,

the restriction implicit in the use of GAIN%.
dThe second χ2 test is of the hypothesis that the state-year interactions are jointly equal to zero.
Source:  The sample is composed of single mothers ages 18–55 with a child under 15 from the 1988–1996

March Current Population Surveys.

16As in earlier tables, in the interest of space only
the main coefficients of interest are shown.  There is
little change in the other estimated coefficients from
those estimated for 1989–92.
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restriction that the coefficients on AFDC%
and MED* are equal in absolute value with
opposite signs.  As expected, the standard
errors are roughly half as large when the
full sample is used.  Nevertheless, we do not
find a statistically significant effect of Med-
icaid in any subsample or specification.
The estimated coefficients on the AFDC
income limits are quite similar to those for
the 1989–92 sample, indicating a relatively
stable relationship between AFDC finan-
cial incentives and labor force and welfare
participation over time.  (The marginal
effects are –0.13 for labor force participa-
tion, as compared to –0.11, and 0.18 for

AFDC participation, as compared to 0.15.)
Our second extension is to re-estimate

the models not rejected by the data (that is,
the models entering the Medicaid and
AFDC income limits separately) using the
CPS March Supplement weights.  This serves
as an informal specification test, since if the
model is correctly specified, weighting
should not substantively affect the probit
coefficients.17  We present these results in

Table 6.  Comparison of Unweighted and Weighted Probit Models.a

(1) (2) (3) (4) (5) (6) (7) (8)
1989–92 CPS 1988–96 CPS

Variable Unweighted Weighted c Unweighted Weighted Unweighted Weighted Unweighted Weighted

Panel A:  Models of Labor Force Participation, All Womenb

MED* 0.058 0.190 –0.017 0.090 –0.009 0.028 0.028 0.080
(0.091) (0.091) (0.101) (0.102) (0.040) (0.041) (0.058) (0.060)
[0.019] [0.063] [–0.006] [0.030] [–0.003] [0.009] [0.009] [0.027]

AFDC% –0.322 –0.434 –0.723 –0.790 –0.399 –0.458 –0.681 –0.737
(0.132) (0.133) (0.169) (0.171) (0.070) (0.073) (0.104) (0.106)

[–0.107] [–0.143] [–0.240] [–0.260] [–0.134] [–0.153] [–0.228] [–0.244]

χ2 Test 1d 4.87 4.02 21.02 18.15 33.82 34.79 38.86 37.38
(p-value) (0.027) (0.045) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

State∗year? No No Yes Yes No No Yes Yes

χ2 Test 2e 148.94 145.03 450.79 446.04
(p-value) (0.509) (0.599) (0.040) (0.056)

Panel B:  Models of AFDC Participation, All Women

MED* –0.046 –0.125 –0.022 –0.064 0.046 0.034 0.030 0.013
(0.092) (0.091) (0.102) (0.102) (0.040) (0.041) (0.058) (0.060)

[–0.016] [–0.042] [–0.007] [–0.022] [0.016] [0.012] [0.010] [0.004]

AFDC% 0.446 0.527 0.875 0.854 0.512 0.510 0.841 0.853
(0.133) (0.135) (0.171) (0.173) (0.070) (0.073) (0.105) (0.107)
[0.152] [0.178] [0.296] [0.288] [0.175] [0.173] [0.286] [0.289]

χ2 Test 1 11.20 10.78 27.56 22.69 64.34 55.76 68.49 63.90
(p-value) (0.001) (0.001) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)

State∗year? No No Yes Yes No No Yes Yes

χ2 Test 2 173.27 154.07 472.83 442.00
(p-value) (0.094) (0.393) (0.006) (0.068)

aStandard errors in parentheses except where noted, marginal effects at the means in brackets.
bRegressions include all variables listed in Table 2.
cWeights are CPS March supplement weights.
dThe first χ2 test is of the hypothesis that the coefficients on MED* and AFDC% have equal and opposite signs,

the restriction implicit in the use of GAIN%.
eThe second χ2 test is of the hypothesis that the state-year interactions are jointly equal to zero.
Source:  Sample composed of single mothers ages 18–55 with a child under 15 from the 1989–92 or 1988–96

March Current Population Surveys.

17We would expect the weighted estimates to be
inefficient, and it is interesting to note that in most
cases the standard errors of the weighted estimates
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Table 6 for both labor force participation
(top panel) and AFDC participation (bot-
tom panel).  The odd-numbered columns
show the unweighted estimates (repro-
duced from earlier tables for ease of com-
parison) and the even-numbered columns
show the corresponding weighted estimates.
The coefficients on the AFDC income lim-
its are reassuringly similar across weighted
and unweighted specifications, particularly
for the AFDC participation models in both
samples.  The coefficients on the AFDC
income limits in the labor force participa-
tion models vary slightly more, though again
they are very similar in the whole sample.

In the AFDC participation models the
Medicaid coefficients are also relatively
stable (given the standard errors) between
weighted and unweighted specifications,
though they are not stable over time, with
any hint of an effect of Medicaid disappear-
ing when the entire sample is used.  For the
labor force participation models the Med-
icaid coefficients are less stable across
weighted and unweighted specifications,
even showing a statistically significant ef-
fect (at the 5% level) for the model omit-
ting state-year interactions in the early
sample.  However, that effect disappears
when the entire sample is used.  Thus only
one of the sixteen Medicaid coefficients in
Table 6 is statistically significant.  A com-
parison of the results between the weighted
and unweighted estimates in Table 6 does
raise the possibility that the model is mis-
specified with respect to the Medicaid pa-
rameter.  Since the CPS weights are de-
signed to adjust for the relative over-
sampling of individuals in small states, one
interpretation of our results is that the
effect of Medicaid on labor force participa-
tion may differ by state.  In this case, the
coefficients in the weighted regressions
provide an average of the underlying vary-

ing treatment effects different from that
yielded by the unweighted estimates.

Our final extension is to consider a model
of labor supply, rather than labor force
participation.  It is possible that women
adjust their hours of work in response to
the Medicaid expansions, even though we
find no evidence of a participation effect.
Since hours of work are censored at 0 for
nonworkers, we estimate a Heckman selec-
tion-corrected model assuming that educa-
tion and age squared do not affect hours of
work conditional on the wage.  Since the
wage is also unobserved for nonworkers, we
estimate three equations:  a participation
equation to obtain the inverse Mills ratio, a
wage equation to obtain the predicted wage,
and the hours equation.  We find that the
Medicaid income limits are unrelated to
hours of work.18

Conclusions

There has been a strong interest in de-
signing policies that help single-headed
families leave cash assistance for many years,
and the replacement of AFDC by TANF has
accentuated this interest.  Based on eco-
nomic theory and the empirical work of
Yelowitz (1995), it appeared that the Med-
icaid expansions would decrease participa-
tion in cash assistance by breaking the link
between AFDC and Medicaid for children.
In this paper we re-examine the evidence
from the CPS found in the Yelowitz study.

We conclude that there is no evidence
detectable in the CPS data of a negative
relationship between welfare participation
and increases in the Medicaid income lim-
its.  Nor is there evidence that the Medicaid

are equal to or greater than the respective standard
errors for the unweighted estimates.  It would also be
possible to test formally the equality of the weighted
and unweighted estimates using a Hausman test, but
we have not pursued this.

18In the interest of space we do not show our
results here, but they are available upon request.  Our
standard errors reflect the heteroskedasticity caused
by the censoring, but do not account for the fact that
the probit coefficients are estimated.  Note that the
simpler tobit model of hours worked is less informa-
tive, since if the tobit model is correctly specified, we
would expect the probit model of labor force partici-
pation and the tobit model to produce the same
coefficients up to a factor of proportionality.
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expansions increased labor force participa-
tion.  We find that Yelowitz’s results were
the result of two factors.  First, he imposed
a strong restriction on the parameter esti-
mates that is not predicted by theory and is
rejected in the CPS data.  This restriction
has the effect of attributing the effect of any
decreases in AFDC generosity to the Medic-
aid expansions.  Second, he incorrectly
calculated the AFDC break-even income by
ignoring the gross test, resulting in higher
imputed AFDC break-even income levels
for larger families.  Once these problems
are addressed, the Medicaid income limits
have no statistically significant effect on
AFDC or labor force participation.  These
results are robust with respect to the inclu-
sion of state-year interactions, splitting the
sample between never married women and
ever married women, and adding five more
years of data.  The AFDC income limits,
however, are statistically significantly re-
lated to welfare and labor force participa-
tion in all specifications and samples, and
are stable across specifications.

The importance of the AFDC income
limits is not surprising in light of the theo-
retical results above.  The lack of a Medic-
aid effect is somewhat surprising, as the
theory shows that it is plausible for a woman
to respond to the Medicaid expansions by
moving from welfare to work.  However, if
α (the value the individual places on Med-
icaid) is less than one, the “notch” in the
budget constraint is much smaller.  This
could occur if individuals were able to re-
ceive care even without Medicaid (such as
emergency room or clinic care), if they
tended not to use health care services, or if
few physicians in an individual’s vicinity
accepted Medicaid as payment.  Even if α =

1, Figure 1 overstates the value of the Med-
icaid expansions to the family, since AFDC
provides cash assistance and Medicaid for
the mother herself as well as all of her
children, but the mother and any older
children would not be eligible for coverage
under the expansions.  This implies that
the value of Medicaid coverage under the
expansions may be relatively small.  In that
case, the number of women moving to a
tangency at a point such as J in Figure 1 as
a result of the expansions may be too small
for us to detect a Medicaid effect in the
data.19  As our coefficients are not precisely
zero, we cannot rule out a small effect of
Medicaid on work and welfare behavior,
but we are able to rule out large effects such
as those suggested by Yelowitz’s results.
Our finding of little to no effect of the
Medicaid expansions on work and welfare
participation is consistent both with our
results using dynamic models of labor force
participation in the SIPP (Ham and Shore-
Sheppard 2001) and with other work on
the expansions that has found that they
had a much smaller impact on insurance
coverage than would be predicted given
the magnitude of the eligibility increases
(see, for example, Ham and Shore-
Sheppard 2005; Card and Shore-Sheppard
2004).

19One might argue that the Medicaid coefficient is
being biased in absolute value because we omit wages
in the equation and wages for low-income workers are
falling over this period while the Medicaid income
limits are rising.  However, our most general specifi-
cation contains state dummies interacted with time
dummies, which will capture much of the movement
in wages.
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